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Abstract

　　 This study quantitatively and qualitatively investigates the discourse of airline 
company profiles, using a DIY-tagged corpus of 7,735 words. It examines the move 
structure and language behavior in this specific discourse by investigating the 
subcorpora of the three alliances to which the 61 airline companies under investigation 
belong. Additional to the identification of move types and discourse structure, this 
research examines the two types of language units of adjectives—namely, colligations 
(i.e., ADJ + N) and semantic preferences (e.g., best + AWARD). Since company profiles 
comprise a representative genre of the business community, it is crucial to reveal this 
genre’s shared and conventionalized knowledge and its culture to better understand the 
community.

1. Introduction

　　 This study quantitatively and qualitatively examines the characteristics of 61 
airlines’ corporate profiles, using a DIY-tagged corpus of 7,735 words and identifying 
their discourse features (i.e., move types and typical move structures) and the 
adjectives’ linguistic properties while focusing on key adjectives, colligations, and 
semantic preferences. Move analysis is an effective approach to discourse analysis in 
genre studies; it focuses on communicative functions and purposes referred to as moves 
(Bhatia, 1993; Swales, 1981, 1990). The current study uses move structures to 
investigate the rhetorical composition of texts within a genre.
　　 The business discourse literature has focused on various practices, patterns, and 
similar language strategies in corporate narratives among companies. However, 
research has neglected affiliations such as alliances that intervene between companies 
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and discourses. This perspective is essential to a more precise analysis of corporate 
narratives. Thus, this study clarifies how the three alliances to which 61 companies 
belong affected the moves and language choice in the profiles, as such social factors 
interrelate with top-down language behavior and discourse structure. The literature 
confirms the close connections between the culture and values of a (discourse) 
community and the language used (e.g., Charles, 2004; Groom, 2005; Nishina, 2009). 
This study looks to reveal the shared knowledge and culture of airline industries.

2. Literature Review

2.1 The Concept of Genre
　　 Genres constitute social phenomena and behavior (Bhatia, 1993; Mauranen, 
1993; Swales, 1981, 1990). Each genre has specific communication purposes shared by 
the discourse community. Such purposes also affect the internal structure of genre texts. 
These internal structures often include typical keywords, collocations, colligations, 
semantic preferences, patterns, and/or semantic sequences showing particular 
communicative functions (Groom, 2005; Hunston, 2008; Ventola & Mauranen, 1996). 
Thus, genre can be used as a powerful lens through which to examine discourse and 
community culture logically in both academic and professional settings (Bhatia, 1993; 
Swales, 1981, 1990) and linguistically (e.g., conventionalized structure and linguistic 
units).
　　 Indeed, the concept of genre and its relationship to discourse communities vary 
somewhat among the three main approaches of systemic functional linguistics (SFL), 
English for specific purposes (ESP), and the new rhetoric school. In particular, the SFL 
and ESP approaches have similarities in their conceptualization of genre, which is 
defined and/or restricted by formal textual features such as rhetorical structure and 
grammatical features (Bloor, 1998; Martin, 2003; Ventola, 1987). The current study 
also supports these genre approaches through analyses of language and discourse.

2.2 Corporate Narratives
　　 Many researchers and practitioners in the business field have studied corporate 
narratives. Thomas (1997) examined the corporate narratives of letters in five years’ 
worth of annual reports from a particular company; she found that the company 



Corpus-Assisted Discourse Studies in Airline Company Profiles Through the Lens of Moves and Adjectives　3

attempted to maintain a good impression and attract shareholders by strategically 
emphasizing the company’s profitability. Leppanen (2012) also investigated the CEO 
letters of five Finnish companies to determine the language strategies used to 
rationalize their activities, and found that company management uses positive language 
to justify its activities. Thus, studies show that the corporate narratives genre is likely 
to present itself with confidence, optimism, and positive language. 
　　 Several other studies conclude that disclosure practices and patterns in corporate 
narratives differ among companies, although each narrative focuses on competitive 
advantages. These studies include Ocler (2009), who investigated the corporate social 
responsibility (CSR) reports of four French companies; Danilet and Mihai (2013), who 
investigated the online CSR discourse of three Romanian companies in the energy 
sector; and Hossain et al. (2016), who investigated the annual reports of Bangladeshi 
banking companies.

2.3 Corpus-assisted Discourse Analysis with a Small DIY Corpus
　　 Corpus-assisted discourse analysis combines quantitative and qualitative 
discourse analysis to identify issues and how information is disclosed. Corpus-data use 
can overcome the shortcomings of the simple discourse analysis used in previous 
corporate narrative research (e.g., researchers’ subjective biases and sample size 
limitations), as it narrows the target to a few subjects (in this case, airline companies) 
in each case study (e.g., four French companies [Ocler, 2009] and three NZ companies 
[Higgins and Walker, 2012], inter alia). Generalizing the research results and better 
understanding the language used in corporate narratives require analyzing a sufficient 
number of samples quantitatively and qualitatively. As Boulton (2012) points out, 
corpus linguistics is significantly better at pinpointing the conventionalized language 
used in a specific genre or text type, and such language regularities include discourse, 
collocations, lexical bundles, and keywords peculiar to a genre’s texts. 
　　 Regarding corpus size for specialized texts, Bowker and Pearson (2002: p. 48) 
points out that “even corpora of between a few thousand and a few hundred thousand 
words have proved useful for language for special purposes (LSP) studies.” In fact, 
various studies with small corpora have been conducted over several decades, since 
small DIY corpora are easy to compile and handle (Boulton, 2012). Aston (1997), for 
instance, compiled a small-sized corpus of 35,000 tokens from 12 medical articles, 
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while Curado Fuentes (2007) used a 40,000-word corpus of tourist advertisements. 
Focusing on corporate narratives, Hyland (1998) used a corpus linguistic approach to 
analyze CEO letters and director reports, compiling a DIY corpus from multiple annual 
reports. The current study clarifies the role that textual metadiscourse plays in assisting 
readers’ understanding of textual structure, contextual information, and differences in 
the functions of metadiscourse among genres; it mirrors previous studies in its attempt 
to use a small DIY corpus to reveal the discourse features of a specific discourse.

2.4 Three Major Airline Alliances
　　 This study targets company profiles for three main reasons. (1) In the study of 
corporate narratives, the company profile genre has been insufficiently studied. (2) It 
was easy to obtain all the companies’ profiles and build the DIY corpus by restricting 
website searches to the airline industry (no random sampling was required). (3) Unlike 
in academic research, in business research, it can be challenging to distinguish between 
community-facing and industry-facing discourse; however, restricting both the industry 
focus (airlines) and the text source (public-facing company profiles) makes this 
possible.
　　 Alliances provide benefits to airlines—such as pooling personnel, technology, and 
aircraft, developing route networks, and providing high standards of service and safety 
(He & Balmer, 2004). The three major airline alliances have different business aims 
and strengths. First, Star Alliance (SA), established in 1997, was formed by only five 
airlines; as of 2020, there were 26 members in this massive alliance, which is a leader 
in the airline business. Some key phrases are found on the alliance’s website, such as 
“dedicated to innovation,” “excellent customer service,” “absolute reliability,” “smooth 
connections across a vast global network,” and “improve your travel experience” 
(https://www.staralliance.com/). Second, oneworld (OW) was founded in 1998 by five 
airlines; it now includes 13 members and provides service and connections to 1,000 
destinations in 158 countries (N.B. “one” is officially indicated in boldface with 
lowercase as in oneworld). OW’s slogan is “travel bright.” Once headquartered in 
Vancouver, Canada, the organization has been based in New York City since 2010. The 
motto found on the OW website is “make your flying experience as seamless as 
possible” (https://www.oneworld.com/). Finally, SkyTeam (ST) was founded in 2000 
by four airlines and now includes 19 members, making it the second-largest airline 
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alliance in the world; it is headquartered in Amsterdam. Its network includes over 1,000 
destinations in 175 countries. The catchphrases of this alliance are “make your travels 
smooth and enjoyable,” “optimizing existing services,” and “developing new benefits 
for our customers” (https://www.skyteam.com/).
　　 All airlines ostensibly have the same goal: providing a comfortable flight 
experience for their customers. However, alliances differ in policies, membership 
requirements, customer loyalty strategies, and methods for improving SKYTRAX 
ratings. This study assumes that the external social factors surrounding these alliances 
influence the language used in their profile, and so corpus-assisted discourse analysis 
makes it possible to develop a detailed picture of discourse features and language 
behaviors. Thus, this study not only supports the validity of the move analysis of 
Swales (1981, 1990), Bhatia (1993), and others, but also shows that in typical business 
discourse, social factors have a significant influence on discourse content and structure.

3. Research Questions

　　 Alliances have different goals, slogans, and histories that may affect discourse 
structure and language use in their corporate profile. However, if shared (language) 
knowledge and culture closely interrelate within the same genre and within a specific 
discourse community, it should be possible to identify similarities among the majority 
of profiles. These similarities pertain to common knowledge seen throughout the whole 
airline-company context, but dissimilarities nonetheless exist among alliances. Thus, 
this study looks to ascertain a common linguistic knowledge consistent throughout the 
genre of company profiles.
　　 To accomplish this purpose, the current study combines move structure and 
adjective use analyses. Move structure analysis (e.g., Swales, 1990) is one of the most 
effective approaches in elucidating a specific discourse’s structure (e.g., Kondo, 2018). 
Adjectives are a key part of speech to be investigated, as their ratios and varieties are 
salient in written texts (Baker, 2003; Biber et al., 1999). For instance, Charles (2004) 
and Nishina (2009) elucidate the writer’s stance/evaluation system that is consistent in 
academic discourse, by investigating adjective patterns (e.g., it is ADJ that; ADJ PREP 
N) with corpus-based/driven approaches. 
　　 This study’s research questions are presented below. RQs 1–3 concern discourse 



Yasunori NISHINA6

structure, RQ 4 concerns language behavior, and RQs 5–6 concern discourse 
community culture. 

(1) How many move types can be identified in airline company profiles?
(2) Which moves are obligatory, conventional, and optional?
(3) In airline company profiles, how is the typical move structure constructed?
(4) What are the similarities among the three alliances in terms of adjective use?
(5)  What are the (dis-)similarities between this study and past corporate narrative 

studies?
(6) What are the (dis-)similarities among the alliance profiles?

4. Analysis

4.1 Basic Corpus Data
　　 The current study is based on a small corpus of airline company profiles manually 
compiled with CotEditor (ver.4.0.1) from the websites of three major alliances (i.e., 
SA, OW, and ST). When the corpus was compiled in 2019, there were 61 airline 
members, including 28 in SA, 13 in OW, and 20 in ST. Each alliance website presents 
a profile that includes information about its history, purpose, strengths, and other 
attributes. This study extracted from the websites only the company profiles and 
converted them into text files in a UTF-8 format; line breaks were manually erased. 
　　 Table 1 presents the basic airline company profile data, with 7,735 tokens and 

Table 1. Basic data about airline company profiles

Texts Tokens 
(avg.)

Types 
(avg.)

TTR 
(STTR)

Sent
(avg.)

Para
(avg.) AWL

SA 28 4,153 
(148.32)

2,724 
(97.29)

65.59 
(66.89)

196
(7.00)

92 
(3.29) 5.30

OW 13 684 
(52.62)

577 
(44.38)

84.36 
(85.53)

33 
(2.54)

15 
(1.15) 5.12

ST 20 2,704 
(135.20)

1,827 
(91.35)

67.57 
(68.90)

118
(5.90)

45 
(2.25) 5.43

Company 61 7,735 
(126.80)

5,183 
(84.97)

67.01 
(70.67)

346
(5.67)

151
(2.48) 5.16

Note: Sent =  the number of sentences; Para = the number of paragraphs; AWL = average word length.
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5,183 types.1 CasualConc (ver.2.0.7) was used for the corpus analysis. Based on the 
average token, type, sentence, and paragraph scores, SA was found to have the most 
information per profile. 

4.2 Move Analysis
　　 Next, the sentence and paragraph positions of all the profiles were analyzed, and 
moves were identified through hint language expressions (e.g., lexico-grammatical 
patterns) (cf., Nishina, 2021). First, sample labeling was conducted, and an expert in 
the field validated the results. Finally, I checked and finalized the move analysis results. 
Table 2 shows the sample labeling at the initial stage of the move analysis, in which the 
profile of United Airlines included four distinct, tentative moves. Following the 
expert’s validation, I revised some of the moves (i.e., FOUNDATION→ALLIANCE HISTORY, 
STARTING COMPANY→FOUNDATION, CURRENT NETWORK→FLEET, NETWORK, CURRENT 

NETWORK→TIE-UP, OPERATION, NETWORK, EMPLOYMENT→EMPLOYMENT) (Table 2).

Alliance Airline S P Example Move

Star 
Alliance

United 
Airlines 1 1 United is a founding member of the Star 

Alliance network. foundation

Star 
Alliance

United 
Airlines 1 2

The airline has a rich history in aviation, tracing 
its roots to 1926 when a small Swallow biplane 
owned by Walter T. Varney carried airmail to 
Nevada from Pasco, Washington – a flight that 
marked the true beginning of commercial air 
transportation and the birth of United Airlines.

starting 
company

Star 
Alliance

United 
Airlines 1 3

Today, the airline operates the most fuel efficient 
fleet among U.S. network carriers with the 
world’s most comprehensive global route 
network, including world-class international 
gateways to Asia and Australia, Europe, Latin 
America and the Middle East. 

current 
network

Star 
Alliance

United 
Airlines 2 3

United, together with United Express, offers 
more than 4,500 flights a day to 339 destinations 
from hubs in Chicago, Denver, Guam, Houston, 
Los Angeles, New York, San Francisco, Tokyo 
and Washington, D.C.

current 
network

Star 
Alliance

United 
Airlines 1 4 United employs more than 87,500 people 

worldwide. employment

Table 2. Preparation for move analysis at the initial stage
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　　 In all, 333 sentences were manually counted; this number diff ers slightly from 
that in Table 1. As in Nishina (2021), the unit of a function was essentially identifi ed at 
the clause level; in some cases, two distinct functions were found in a compound/
complex sentence. In this study, however, several functions were sometimes found at a 
narrower level (e.g., the phrasal level). I thus identifi ed each move based on functions 
found in a sentence, even when many moves were identified at the sentence/clause 
level. In the following example, the fi rst move is “Its hub in Lisbon” (labeled as BASE); 
the second and third ones were NETWORK and PRAISE. Using this procedure, I pinpointed 
18 types of moves (Table 3).

　　 Its hub in Lisbon  is  a key European gateway at the crossroads of Africa, North, 
Central and South America , where  TAP stands out as the international leading carrier 
in operation to Brazil . (TAP Air Portugal)

　　 For instance, the move OVERVIEW concisely provides general introductory 
information about the company, especially in the fi rst sentence of the fi rst paragraph (45 
instances; 51.72%). However, in many cases, the companies praised themselves 
subjectively through this move (76 instances; 87.36%), rather than provide simple 
information (11 instances; 12.64%). The following were the top fi ve high-frequency 
modifi ers used to emphasize company value: “leading” (14), “large” (14), “most” (11), 
“world” (11), and “fl ag(ship)” (9).
　　 After revising the standard set of Amnuai and Wannaruk (2013),2 I categorized 
moves with a range of 80 or more as obligatory, those with a range of 40–79 as 
conventional, and those with a range of under 40 as optional. Table 4 shows that in all 
alliances, the two moves OVERVIEW and NETWORK were obligatory; ALLIANCE HISTORY, 
FOUNDATION, and FLEET were conventional. The conditions for joining the alliance were 
that the airline company be large and financially strong, and operate international 
flights on a stable basis. Additionally, there had to be a positive factor for the other 
member companies (e.g., network). The purpose of a global airline alliance is to 
provide member-airlines’ customers with access to a vast global network of additional 
destinations, fl ights, and convenient connections; therefore, networks are crucial for 
any alliance (and for any airline). This is why the move NETWORK is considered 
obligatory overall (91.80%). 

Its hub in Lisbon  is  Its hub in Lisbon  is  Its hub in Lisbon  is  a key European gateway at the crossroads of Africa, North, Its hub in Lisbon  is  Its hub in Lisbon  is  
Central and South America TAP stands out as the international leading carrier , where  , where  
in operation to Brazil 



Corpus-Assisted Discourse Studies in Airline Company Profiles Through the Lens of Moves and Adjectives　9
Ta

bl
e 

3.
 T

he
 1

8 
m

ov
es

 in
 th

e 
ai

rli
ne

 c
om

pa
ny

 p
ro

fil
es

M
ov

e
D

es
cr

ip
tio

n
Ex

am
pl

e
O

V
ER

V
IE

W
Th

is
 m

ov
e 

de
sc

rib
es

 th
e 

ge
ne

ra
l i

nt
ro

du
ct

or
y 

in
fo

rm
at

io
n 

ab
ou

t t
he

 c
om

pa
ny

 c
on

ci
se

ly
.

Ae
ro

flo
t i

s R
us

si
a’

s d
e 

fa
ct

o 
na

tio
na

l c
ar

ri
er

 a
nd

 la
rg

es
t 

ai
rl

in
e.

..
SO

C
IA

L 
EV

A
LU

AT
IO

N
Th

is
 m

ov
e 

in
cl

ud
es

 a
w

ar
ds

, r
an

ki
ng

s, 
re

co
rd

s, 
or

 st
ar

s t
ha

t 
th

e 
co

m
pa

ny
 h

as
 re

ce
iv

ed
 fr

om
 th

ird
-p

ar
ty

 o
rg

an
iz

at
io

ns
, 

m
ag

az
in

es
, o

r s
ur

ve
ys

 o
f p

ro
fe

ss
io

na
ls

/th
e 

ge
ne

ra
l p

ub
lic

.

AN
A 

w
as

 v
ot

ed
 A

ir
lin

e 
of

 th
e 

Ye
ar

 fo
r 2

01
3 

by
 A

ir
 T

ra
ns

po
rt

 
W

or
ld

 M
ag

az
in

es
...

A
LL

IA
N

C
E 

H
IS

TO
RY

Th
is

 m
ov

e 
in

di
ca

te
s w

he
n 

th
e 

co
m

pa
ny

 jo
in

ed
 a

n 
al

lia
nc

e.
EV

A 
Ai

r b
ec

am
e 

a 
St

ar
 A

lli
an

ce
 m

em
be

r o
n 

18
 J

un
e 

20
13

...

FO
U

N
D

AT
IO

N
Th

is
 m

ov
e 

in
di

ca
te

s i
nf

or
m

at
io

n 
ab

ou
t t

he
 e

ar
ly

 h
is

to
ry

 o
f a

 
co

m
pa

ny
 a

nd
 w

he
n 

an
d/

or
 h

ow
 th

e 
co

m
pa

ny
 w

as
 fo

un
de

d.
Sh

en
zh

en
 A

ir
lin

es
 C

o.
, L

td
, w

as
 fo

un
de

d 
in

 N
ov

em
be

r 1
99

2 
an

d 
st

ar
te

d 
op

er
at

io
ns

 o
n 

Se
pt

em
be

r 1
7 

of
 th

e 
fo

llo
w

in
g 

ye
ar

...
FL

EE
T

Th
is

 m
ov

e 
in

di
ca

te
s i

nf
or

m
at

io
n 

ab
ou

t a
 c

om
pa

ny
’s

 a
irc

ra
ft 

fle
et

.
It 

co
m

pr
is

es
 1

90
 a

irc
ra

ft,
 w

hi
ch

 a
re

 m
od

er
n 

Ai
rb

us
 A

32
0-

fa
m

ily
, A

33
0,

 B
oe

in
g 

73
7,

 B
oe

in
g 

77
7 

an
d 

Su
kh

oi
 S

up
er

je
t 

10
0 

ai
rl

in
er

s..
.

N
ET

W
O

R
K

Th
is

 m
ov

e 
in

di
ca

te
s d

et
ai

le
d 

in
fo

rm
at

io
n 

ab
ou

t n
at

io
na

l a
nd

 
in

te
rn

at
io

na
l h

ub
s, 

ro
ut

es
, a

nd
/o

r d
es

tin
at

io
ns

.
Ae

ro
m

éx
ic

o,
 M

ex
ic

o’
s g

lo
ba

l a
ir

lin
e,

 se
rv

es
 m

or
e 

th
an

 7
0 

de
st

in
at

io
ns

 in
 M

ex
ic

o 
an

d 
m

aj
or

 c
iti

es
 in

 th
e 

U
ni

te
d 

St
at

es
, 

C
an

ad
a,

 C
en

tr
al

 &
 S

ou
th

 A
m

er
ic

a 
an

d 
Eu

ro
pe

...
ST

R
AT

EG
Y

Th
is

 m
ov

e 
in

di
ca

te
s t

he
 m

an
ag

em
en

t s
tra

te
gy

, i
nv

es
tm

en
t, 

vi
si

on
, s

lo
ga

ns
, a

nd
/o

r p
ol

ic
ie

s e
na

ct
ed

/o
w

ne
d 

by
 th

e 
co

m
pa

ny
.

It 
pl

an
s t

o 
gr

ow
 it

s fl
ee

t i
n 

lin
e 

w
ith

 it
s 1

0-
Ye

ar
 G

ro
w

th
 

St
ra

te
gy

, i
nc

re
as

in
g 

th
is

 to
 a

bo
ut

 1
20

 a
irc

ra
ft 

by
 2

02
1,

 a
nd

 
to

 e
xp

an
d 

its
 n

et
w

or
k 

to
 o

ve
r 1

15
 d

es
tin

at
io

ns
 d

ur
in

g 
th

e 
sa

m
e 

pe
ri

od
...

O
PE

R
AT

IO
N

Th
is

 m
ov

e 
in

di
ca

te
s i

nf
or

m
at

io
n 

ab
ou

t a
 c

om
pa

ny
’s

 n
um

be
r 

of
 d

ai
ly

, w
ee

kl
y,

 o
r a

nn
ua

l fl
ig

ht
s a

nd
/o

r t
he

 n
um

be
r o

f 
pa

ss
en

ge
rs

 c
ar

rie
d.

C
ur

re
nt

ly
 w

ith
 8

 U
S 

ga
te

w
ay

s, 
Tu

rk
is

h 
Ai

rl
in

es
 o

ffe
rs

 7
0 

fli
gh

ts
 p

er
 w

ee
k,

 se
rv

in
g 

so
m

e 
5,

00
0 

pa
ss

en
ge

rs
...



Yasunori NISHINA10
SE

RV
IC

E
Th

is
 m

ov
e 

co
m

m
un

ic
at

es
 in

fo
rm

at
io

n 
ab

ou
t v

ar
io

us
 k

in
ds

 o
f 

in
/o

ut
-fl

ig
ht

 se
rv

ic
es

 d
ev

is
ed

 a
nd

 o
ffe

re
d 

by
 th

e 
co

m
pa

ny
.

It 
ha

s b
ee

n 
re

co
gn

iz
ed

 fo
r i

ts
 d

is
tin

gu
is

he
d 

st
yl

e 
of

 a
tte

nt
iv

e,
 

pe
rs

on
al

iz
ed

 o
nb

oa
rd

 se
rv

ic
e 

(c
om

pl
im

en
ta

ry
 a

m
en

iti
es

, 
m

ea
ls

 a
nd

 b
ev

er
ag

es
 –

 in
cl

ud
in

g 
co

ck
ta

ils
) i

n 
C

oa
ch

 a
nd

 
C

la
se

 P
re

m
ie

r®
...

TI
E-

U
P

Th
is

 m
ov

e 
re

fe
rs

 to
 jo

in
t v

en
tu

re
s w

ith
 o

th
er

 (a
irl

in
e)

 
co

m
pa

ni
es

, c
ol

la
bo

ra
tio

ns
, o

r M
&

A
.

O
n 

23
rd

 O
ct

ob
er

 2
01

3 
AE

G
EA

N
 a

cq
ui

re
d 

O
ly

m
pi

c 
Ai

r..
.

B
A

SE
Th

is
 m

ov
e 

in
di

ca
te

s t
he

 lo
ca

tio
n 

of
 a

 c
om

pa
ny

’s
 

he
ad

qu
ar

te
rs

, i
ts

 m
ai

n 
hu

b,
 o

r i
ts

 h
om

e 
ba

se
 in

cl
ud

in
g 

ar
ea

, 
co

un
try

, c
ity

 n
am

e,
 o

r a
irp

or
t.

Its
 o

pe
ra

tio
na

l h
ea

dq
ua

rt
er

s i
s i

n 
Be

iji
ng

, a
 m

aj
or

 d
om

es
tic

 
an

d 
in

te
rn

at
io

na
l h

ub
 in

 C
hi

na
...

EM
PL

O
Y

M
EN

T
Th

is
 m

ov
e 

in
di

ca
te

s t
he

 n
um

be
r o

f p
eo

pl
e 

em
pl

oy
ed

 b
y 

th
e 

co
m

pa
ny

.
U

ni
te

d 
em

pl
oy

s m
or

e 
th

an
 8

7,
50

0 
pe

op
le

 w
or

ld
w

id
e.

..

O
R

G
A

N
IZ

AT
IO

N
Th

e 
m

ov
e 

in
di

ca
te

s t
he

 p
ar

en
t c

om
pa

ny
, s

ub
si

di
ar

ie
s, 

or
 

br
an

ch
 o

ffi
ce

s o
f a

 c
om

pa
ny

.
C

ze
ch

 A
ir

lin
es

 is
 th

e 
su

bs
id

ia
ry

 o
f C

ze
ch

 A
er

oh
ol

di
ng

 –
 a

 
gr

ou
p 

of
 c

om
pa

ni
es

 th
at

 o
pe

ra
te

 in
 a

ir
 tr

an
sp

or
ta

tio
n 

an
d 

re
la

te
d 

gr
ou

nd
 h

an
dl

in
g 

se
rv

ic
es

...
EN

V
IR

O
N

M
EN

T
Th

is
 m

ov
e 

in
di

ca
te

s 
ho

w
 t

he
 c

om
pa

ny
 d

ea
ls

 w
ith

 i
ss

ue
s 

re
la

te
d 

to
 th

e 
pr

ot
ec

tio
n 

of
 th

e 
en

vi
ro

nm
en

t.
TA

RO
M

 is
 a

 m
od

er
n 

an
d 

fu
tu

re
-o

ri
en

te
d 

ai
rl

in
e,

 r
es

pe
ct

in
g 

th
e 

en
vi

ro
nm

en
t b

y 
im

pl
em

en
tin

g 
in

no
va

tiv
e 

pr
oc

ed
ur

es
 th

at
 

re
du

ce
 C

O
2 

em
is

si
on

s..
.

SA
FE

TY
Th

is
 m

ov
e 

in
di

ca
te

s 
ho

w
 t

he
 c

om
pa

ny
 d

ea
ls

 w
ith

 i
ss

ue
s 

re
la

te
d 

to
 th

e 
im

pr
ov

em
en

t o
f s

af
et

y 
m

ea
su

re
s.

Fo
r 

56
 y

ea
rs

 T
ha

i A
ir

w
ay

s 
In

te
rn

at
io

na
l h

as
 o

pe
ra

te
d 

w
ith

 
hi

gh
 s

af
et

y 
st

an
da

rd
s, 

ad
op

tin
g 

ne
w

 s
af

et
y 

re
gu

la
tio

ns
 a

nd
 

pr
ac

tic
es

 a
s 

a 
pr

er
eq

ui
si

te
 b

y 
va

ri
ou

s 
au

th
or

iti
es

 a
ro

un
d 

th
e 

w
or

ld
, a

nd
 g

oi
ng

 e
ve

n 
fu

rt
he

r 
to

 im
pl

em
en

t s
af

et
y 

pr
og

ra
m

s 
th

at
 a

re
 b

ey
on

d 
th

e 
re

qu
ire

m
en

t..
.

A
SS

O
C

IA
TI

O
N

 
H

IS
TO

RY
Th

is
 m

ov
e 

in
di

ca
te

s 
w

he
n 

th
e 

ai
rli

ne
 c

om
pa

ny
 jo

in
ed

 th
e 

In
te

rn
at

io
na

l A
ir 

Tr
an

sp
or

t A
ss

oc
ia

tio
n 

(I
AT

A
).

Ae
ro

flo
t w

as
 th

e 
fir

st
 R

us
si

an
 a

ir
lin

e 
co

m
pa

ny
 to

 jo
in

 th
e 

In
te

rn
at

io
na

l A
ir

 T
ra

ns
po

rt
 A

ss
oc

ia
tio

n 
(I

AT
A)

 in
 1

98
9.

..
ST

O
C

K
Th

is
 m

ov
e 

in
di

ca
te

s i
nf

or
m

at
io

n 
ab

ou
t t

he
 st

oc
k 

lis
tin

g 
of

 th
e 

co
m

pa
ny

.
O

n 
Au

gu
st

 1
8,

 2
00

6,
 A

ir
 C

hi
na

 w
as

 li
st

ed
 o

n 
Sh

an
gh

ai
 S

to
ck

 
Ex

ch
an

ge
 u

nd
er

 c
od

e 
60

11
11

...
W

EB
SI

TE
Th

is
 m

ov
e 

is
 li

ke
ly

 to
 b

e 
ad

de
d 

to
 a

 p
ro

fil
e 

as
 a

 fi
na

l r
em

ar
k 

to
 in

fo
rm

 th
e 

au
di

en
ce

 o
f t

he
 lo

ca
tio

n 
of

 fu
rth

er
 in

fo
rm

at
io

n.
Fo

r 
m

or
e 

in
fo

rm
at

io
n 

ab
ou

t M
id

dl
e 

Ea
st

 A
ir

lin
es

, M
id

dl
e 

Ea
st

 A
ir

lin
e 

fli
gh

ts
 a

nd
 p

ar
tn

er
s, 

vi
si

t w
w

w.
m

ea
.c

om
.lb

...



Corpus-Assisted Discourse Studies in Airline Company Profiles Through the Lens of Moves and Adjectives　11

Ta
bl

e 
4.

 Q
ua

nt
ita

tiv
e 

in
fo

rm
at

io
n 

ab
ou

t m
ov

es
 in

 th
e 

th
re

e 
su

bc
or

po
ra

　
SA

 (1
84

 se
nt

en
ce

s)
O

W
 (3

3 
se

nt
en

ce
s)

ST
 (1

16
 se

nt
en

ce
s)

To
ta

l (
33

3 
se

nt
en

ce
s)

m
ov

es
R

F
R

an
ge

 (%
)

R
F

R
an

ge
 (%

)
R

F
R

an
ge

 (%
)

R
F

R
an

ge
 (%

)

O
V

ER
V

IE
W

22
.0

8 
(5

1)
 

85
.7

1 
(2

4)
 

ob
g

27
.6

6 
(1

3)
 

92
.3

1 
(1

2)
 

ob
g

14
.9

4 
(2

3)
 

80
.0

0 
(1

6)
 

ob
g

20
.1

4 
(8

7)
 

85
.2

5 
(5

2)
 

ob
g

SO
C

IA
L 

EV
A

L
8.

23
 (1

9)
 

42
.8

6 
(1

2)
 

co
nv

4.
26

 (2
) 

15
.3

8 
(2

) 
op

t
4.

55
 (7

) 
25

.0
0 

(5
) 

op
t

6.
48

 (2
8)

 
31

.1
5 

(1
9)

 
op

t

A
LL

IA
N

C
E 

H
IS

T 
3.

03
 (7

) 
25

.0
0 

(7
) 

op
t

25
.5

3 
(1

2)
 

92
.3

1 
(1

2)
 

ob
g

3.
90

 (6
) 

30
.0

0 
(6

) 
op

t
5.

79
 (2

5)
 

40
.9

8 
(2

5)
 

co
nv

FO
U

N
D

AT
IO

N
6.

93
 (1

6)
 

46
.4

3 
(1

3)
 

co
nv

8.
51

 (4
) 

30
.7

7 
(4

) 
op

t
5.

19
 (8

) 
40

.0
0 

(8
) 

co
nv

6.
48

 (2
8)

 
40

.9
8 

(2
5)

 
co

nv

FL
EE

T
7.

79
 (1

8)
 

50
.0

0 
(1

4)
 

co
nv

4.
26

 (2
) 

15
.3

8 
(2

) 
op

t
10

.3
9 

(1
6)

 
70

.0
0 

(1
4)

 
co

nv
8.

33
 (3

6)
 

49
.1

8 
(3

0)
 

co
nv

N
ET

W
O

R
K

19
.4

8 
(4

5)
 

92
.8

6 
(2

6)
 

ob
g

27
.6

6 
(1

3)
 

92
.3

1 
(1

2)
 

ob
g

16
.8

8 
(2

6)
 

90
.0

0 
(1

8)
 

ob
g

19
.4

4 
(8

4)
 

91
.8

0 
(5

6)
 

ob
g

ST
R

AT
EG

Y
6.

06
 (1

4)
 

32
.1

4 
(9

) 
op

t
2.

13
 (1

) 
7.

69
 (1

) 
op

t
7.

79
 (1

2)
 

60
.0

0 
(1

2)
 

co
nv

6.
25

 (2
7)

 
36

.0
7 

(2
2)

 
op

t

O
PE

R
AT

IO
N

4.
33

 (1
0)

 
35

.7
1 

(1
0)

 
op

t
　

　
　

5.
19

 (8
) 

30
.0

0 
(6

) 
op

t
4.

17
 (1

8)
 

26
.2

3 
(1

6)
 

op
t

SE
RV

IC
E

6.
49

 (1
5)

 
39

.2
9 

(1
1)

 
op

t
　

　
　

11
.0

4 
(1

7)
 

55
.0

0 
(1

1)
 

co
nv

7.
41

 (3
2)

 
36

.0
7 

(2
2)

 
op

t

TI
E-

U
P

2.
60

 (6
) 

21
.4

3 
(6

) 
op

t
　

　
　

5.
19

 (8
) 

20
.0

0 
(4

) 
op

t
3.

24
 (1

4)
 

16
.3

9 
(1

0)
 

op
t

B
A

SE
4.

76
 (1

1)
 

28
.5

7 
(8

) 
op

t
　

　
　

4.
55

 (7
) 

35
.0

0 
(7

) 
op

t
4.

17
 (1

8)
 

24
.5

9 
(1

5)
 

op
t

EM
PL

O
Y

M
EN

T
0.

87
 (2

) 
7.

14
 (2

) 
op

t
　

　
　

0.
65

 (1
) 

5.
00

 (1
) 

op
t

0.
69

 (3
) 

4.
92

 (3
) 

op
t

O
R

G
A

N
IZ

AT
IO

N
0.

87
 (2

) 
7.

14
 (2

) 
op

t
　

　
　

3.
25

 (5
) 

20
.0

0 
(4

) 
op

t
1.

62
 (7

) 
9.

84
 (6

) 
op

t

EN
V

IR
O

N
M

EN
T

0.
43

 (1
) 

3.
57

 (1
) 

op
t

　
　

　
1.

30
 (2

) 
10

.0
0 

(2
) 

op
t

0.
69

 (3
) 

4.
92

 (3
) 

op
t

SA
FE

TY
1.

30
 (3

) 
7.

14
 (2

) 
op

t
　

　
　

2.
60

 (4
) 

15
.0

0 
(3

) 
op

t
1.

62
 (7

) 
8.

20
 (5

) 
op

t

A
SS

O
C

IA
TI

O
N

 H
IS

T
0.

87
 (2

) 
7.

14
 (2

) 
op

t
　

　
　

0.
65

 (1
) 

5.
00

 (1
) 

op
t

0.
69

 (3
) 

4.
92

 (3
) 

op
t

ST
O

C
K

1.
30

 (3
) 

7.
14

 (2
) 

op
t

　
　

　
0.

00
 (0

) 
0.

00
 (0

) 
op

t
0.

69
 (3

) 
3.

28
 (2

) 
op

t

W
EB

SI
TE

2.
60

 (6
) 

21
.4

3 
(6

) 
op

t
　

　
　

1.
95

 (3
) 

15
.0

0 
(3

) 
op

t
2.

08
 (9

) 
14

.7
5 

(9
) 

op
t

to
ta

l
10

0 
(2

31
)

10
0 

(2
8)

　
10

0 
(4

7)
10

0 
(1

3)
　

10
0 

(1
54

)
10

0 
(2

0)
　

10
0 

(4
32

)
10

0 
(6

1)
　

N
ot

e:
 o

bl
ig

at
or

y 
m

ov
es

 ≧
 8

0;
 8

0 
> 

co
nv

en
tio

na
l m

ov
es

 ≧
 4

0;
 4

0 
> 

op
tio

na
l m

ov
es



Yasunori NISHINA12

　　 The SKYTRAX website explains ratings: “A typical rating of standards is based 
on analysis of between 500 and 800 product and service delivery assessment items. 
This covers airport services at the airline’s hub and onboard standards across all 
applicable cabin/aircraft types” (About Airline Star Rating, Skytaxratings.com, 2021).3 
The SKYTRAX ranking of each airline is important in building customer loyalty. 
Keywords such as “service,” “hub,” and “cabin/aircraft” can be extracted from the 
website’s quoted information for use in airline company evaluations: “service” is 
included in the move SERVICE, “hub” in the move BASE, and “cabin/aircraft” in the move 
FLEET (Table 3). This is why the move FLEET is conventional overall (49.18%), especially 
for ST (70.00%) and SA (50.00%). The move SERVICE is also conventional for ST 
(55.00%) and optional, but almost conventional, in SA (39.29%). Since the move 
WEBSITE also indicates the IT service, its consideration changed the SA range scores; the 
total changed to conventional. The move BASE was treated as optional for SA (28.57%) 
and ST (35.00%); however, it showed the highest range score among the optional 
moves in ST. Therefore, SKYTRAX’s airline rating criteria and the alliance 
membership requirements affected the language used in the company profiles posted on 
each airline’s website.
　　 Next, the move flow was calculated via [average scores of paragraph position 
(APP) × average scores of sentence position (ASP)]. For example, in the case of the 
move FOUNDATION, the score was calculated as 1.32 (APP) × 1.43 (ASP) = 1.89. By 
taking into account both the ASP and APP scores, it was possible to determine 
differences between two moves with similar ASP scores. Table 5 shows the order of the 

Table 5. Move flow based on the APP × ASP score 

# Move APP ASP APPxASP # Move APP ASP APPxASP

1 FOUNDATION 1.32 1.43 1.89 10 ORGANIZATION 2.14 3.71 7.94 

2 ALLIANCE HISTORY 1.44 2.36 3.40 11 FLEET 2.06 3.94 8.12 

3 OVERVIEW 1.74 2.57 4.47 12 SERVICE 2.16 4.41 9.53 

4 ASSOCIATION HISTORY 2 2.67 5.34 13 EMPLOYMENT 2.67 4.33 11.56 

5 OPERATION 1.89 3 5.67 14 SOCIAL EVALUATION 2.46 4.93 12.13 

6 NETWORK 1.81 3.25 5.88 15 SAFETY 2.86 5.29 15.13 

7 TIE-UP 1.86 3.57 6.64 16 STRATEGY 2.74 5.7 15.62 

8 ENVIRONMENT 1.67 4.33 7.23 17 STOCK 2.33 7.33 17.08 

9 BASE 2.11 3.67 7.74 18 WEBSITE 2.67 6.89 18.40 
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18 moves based on this score. Darkly shaded cells indicate obligatory moves, while 
lightly shaded ones indicate conventional moves, as in Table 4. Table 6 presents one 
sample by Aerolíneas Argentinas, an ST member, thus supporting the validity of this 
move structure.

4.3 Adjective Analyses
4.3.1 Data
　　 The company profile corpus was annotated with the C7 tagset by the CLAWS 
part-of-speech tagger (http://ucrel.lancs.ac.uk/claws7tags.html). The line feed codes 
were then eliminated and converted into small spaces to make it possible to search 
collocations, n-grams, and colligations properly. Then, to capture the whole picture of 
the adjective distribution in the subcorpora of each alliance, the adjectives were 
extracted from the corpora by searching for JJ (general adjective), JJR (general 
comparative adjective) (e.g., “older,” “better,” “stronger”), JJT (general superlative 
adjective) (e.g., “oldest,” “best,” “strongest”), and JK (catenative adjective) (“able” in 
“be able to,” “willing” in “be willing to”). 
　　 Table 7 presents quantitative information about the types and tokens of adjectives, 
with their ratio in each of the three subcorpora; Table 8 presents the token ratio of 
adjectives in seven genres in the new WordbanksOnline.4 By comparing the data in 
Tables 7 and 8, we see that adjectives are more frequently used in company profiles 
than in the other genres, marking the highest token ratio (10.21%). Adjectives 

Table 6. Typical move structure 

S SP P Example Move

1 1 1 Founded in 1950, Aerolíneas Argentinas is one of the leading South 
American carriers. 

FOUNDATION, 
OVERVIEW

2 2 1
From its home bases in Aeroparque Jorge Newbery and Ezeiza 
International Airport in Buenos Aires, Aerolíneas Argentinas flies to 18 
international destinations in The Americas, Europe and the South Pacific.

NETWORK

3 1 2
Along with Austral Líneas Aéreas, Aerolíneas operates flights to 35 
destinations in Argentina, flying to more cities in the Argentine territory 
than any other airline. 

NETWORK

4 2 2 Aerolíneas provides dynamic links between Argentina and the region 
through its relaunched hub in Aeroparque Jorge Newbery city airport. 

NETWORK

5 3 2 The Aerolíneas group is carrying out an ambitious fleet renewal 
program.

STRATEGY
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constitute a key part of speech in airline company profi les. 
　　 Table 9 also shows the top 15 adjectives in each alliance, based on [relative 
frequency (RF) × file ratio (FR)] scores. This score quantitatively indicates each 
adjective’s importance within each alliance by considering the balance, frequency, and 
range of word choices. This table also presents adjective ratio (AR) information. Five 
adjectives—namely, international, domestic, leading, best, and largest—were ranked 
in all three subcorpora. Several adjectives are salient in the subcorpora of two alliances 
(i.e., SA–ST, SA–OW, SA–ST, SA–ST, and OW–ST); other adjectives are salient in 
individual alliances.

Table 7. Information types and tokens of adjectives in subcorpora

Table 8. Token ratio of adjectives in seven genres from the new WordbanksOnline

Newspaper 6.64% Broadcasts 
(radio & news)

7.09% Ephemera (leafl ets, 
newsletters, ads)

9.13% News 
website

7.46%

Magazine 7.19% Books (fi ction 
& non-fi ction)

6.94% Informal speech 4.16%

SA OW ST Company

Types (Ratio)

Tokens (Ratio)

197(7.23%)

447(10.76%)

35(6.07%)

56(8.19%)

139(5.14%)

287(10.61%)

273(5.27%)

790(10.21%)10.21%)

4.3.2  Adjectives featured in all alliances: General picture of airline company profi les
　　 Next, it is important to consider findings from data on the colligation of 
adjectives, namely ADJ + N, pointing to specifi c semantic preferences,5 to uncover the 
features of specifi c discourses through the regularity of language use. As one of this 
study’s aims is to fi nd consistent elements among company profi les, it should examine 
the adjectives that commonly occur in the subcorpora of two or three alliances. There 
were five adjectives common to all alliances—namely, “international,” “domestic,” 
“leading,” “best,” and “largest.” Table 10 summarizes the typical semantic preferences 
and collocates of these adjectives in the company profi les. In the example from Aegean 
Airlines (“AEGEAN, together with its subsidiary Olympic Air, provides scheduled 
passenger service directly to 145 destinations, 111 international, and 34 domestic, in 45 
countries”), the adjective “domestic” modifi es the noun collocate “destinations” at the 
L6 position, which cannot be identified through an automatic corpus search for the 



Corpus-Assisted Discourse Studies in Airline Company Profiles Through the Lens of Moves and Adjectives　15

Ta
bl

e 
9.

 A
dj

ec
tiv

es
 in

 e
ac

h 
al

lia
nc

e’
s p

ro
fil

e 
in

 R
F 

× 
FR

 sc
or

e 
or

de
r

#
A

dj
. i

n 
SA

R
F

A
R

(%
)

FR
(%

)
R

Fx
FR

A
dj

. i
n 

O
W

R
F

A
R

(%
)

FR
(%

)
R

Fx
FR

A
dj

. i
n 

ST
R

F
A

R
(%

)
FR

(%
)

R
Fx

FR

1 
in

te
rn

at
io

na
l

6.
46

 
6.

71
 

75
.0

0 
48

4.
58

 
m

id
dl

e
7.

56
 

10
.7

1 
46

.1
5 

34
8.

76
 

m
od

er
n

3.
98

 
4.

18
 

60
.0

0 
23

8.
86

 

2 
do

m
es

tic
3.

02
 

3.
13

 
39

.2
9 

11
8.

46
 

fo
un

di
ng

5.
04

 
7.

14
 

30
.7

7 
15

5.
02

 
in

te
rn

at
io

na
l

4.
31

 
4.

53
 

50
.0

0 
21

5.
65

 

3 
le

ad
in

g
2.

80
 

2.
91

 
39

.2
9 

11
0.

01
 

be
st

2.
52

 
3.

57
 

15
.3

8 
38

.7
4 

le
ad

in
g

2.
99

 
3.

14
 

40
.0

0 
11

9.
44

 

4 
be

st
2.

80
 

2.
91

 
21

.4
3 

60
.0

0 
do

m
es

tic
2.

52
 

3.
57

 
15

.3
8 

38
.7

4 
la

rg
es

t
2.

99
 

3.
14

 
30

.0
0 

89
.5

8 

5 
ne

w
2.

59
 

2.
68

 
21

.4
3 

55
.4

0 
ex

te
ns

iv
e

2.
52

 
3.

57
 

15
.3

8 
38

.7
4 

da
ily

1.
99

 
2.

09
 

25
.0

0 
49

.7
8 

6 
re

gi
on

al
2.

15
 

2.
24

 
25

.0
0 

53
.8

5 
in

de
pe

nd
en

t
2.

52
 

3.
57

 
15

.3
8 

38
.7

4 
m

id
dl

e
2.

99
 

3.
14

 
15

.0
0 

44
.7

9 

7 
la

rg
es

t
1.

94
 

2.
01

 
17

.8
6 

34
.6

1 
in

te
rn

at
io

na
l

2.
52

 
3.

57
 

15
.3

8 
38

.7
4 

ot
he

r
1.

66
 

1.
74

 
25

.0
0 

41
.4

8 

8 
ce

nt
ra

l
1.

29
 

1.
34

 
17

.8
6 

23
.0

8 
la

rg
es

t
2.

52
 

3.
57

 
15

.3
8 

38
.7

4 
At

la
nt

ic
1.

99
 

2.
09

 
20

.0
0 

39
.8

2 

9 
m

ai
n

1.
29

 
1.

34
 

17
.8

6 
23

.0
8 

La
tin

2.
52

 
3.

57
 

15
.3

8 
38

.7
4 

ne
w

1.
66

 
1.

74
 

20
.0

0 
33

.1
8 

10
 

sc
he

du
le

d
1.

29
 

1.
34

 
17

.8
6 

23
.0

8 
le

ad
in

g
2.

52
 

3.
57

 
15

.3
8 

38
.7

4 
ad

va
nc

ed
1.

33
 

1.
39

 
20

.0
0 

26
.5

4 

11
 

m
od

er
n

1.
08

 
1.

12
 

17
.8

6 
19

.2
4 

m
ai

n
2.

52
 

3.
57

 
15

.3
8 

38
.7

4 
be

st
1.

33
 

1.
39

 
20

.0
0 

26
.5

4 

12
 

ot
he

r
1.

08
 

1.
12

 
17

.8
6 

19
.2

4 
m

aj
or

2.
52

 
3.

57
 

15
.3

8 
38

.7
4 

do
m

es
tic

1.
33

 
1.

39
 

20
.0

0 
26

.5
4 

13
 

effi
ci

en
t

1.
08

 
1.

12
 

14
.2

9 
15

.3
9 

re
co

gn
is

ed
2.

52
 

3.
57

 
15

.3
8 

38
.7

4 
Eu

ro
pe

an
1.

33
 

1.
39

 
20

.0
0 

26
.5

4 

14
 

sw
is

s
2.

15
 

2.
24

 
7.

14
 

15
.3

8 
st

ar
2.

52
 

3.
57

 
15

.3
8 

38
.7

4 
in

no
va

tiv
e

1.
33

 
1.

39
 

20
.0

0 
26

.5
4 

15
 

ha
ul

1.
29

 
1.

34
 

10
.7

1 
13

.8
4 

Am
er

ic
an

2.
52

 
3.

57
 

7.
69

 
19

.3
7 

jo
in

t
1.

33
 

1.
39

 
15

.0
0 

19
.9

1 

* 
R

el
at

iv
e 

Fr
eq

ue
nc

y 
(R

F)
 =

 w
or

d 
fr

eq
ue

nc
y 

/ t
ot

al
 to

ke
ns

 o
f e

ac
h 

al
lia

nc
e 

* 
1,

00
0

* 
A

dj
ec

tiv
e 

R
at

io
 (A

R
) =

 a
dj

ec
tiv

es
 / 

to
ta

l a
dj

ec
tiv

es
 *

 1
00

* 
Fi

le
 R

at
io

 (F
R

) =
 fi

le
 ra

ng
e 

in
 e

ac
h 

al
lia

nc
e



Yasunori NISHINA16

colligation ADJ + N. Thus, I manually examined colligations and semantic preferences.
　　 Airlines play an important role in connecting people within or among countries. It 
is thus naturally understood that the adjectives “international” and “domestic” would 
be key to all airline company profiles, irrespective of the alliances to which they 
belong. In terms of the adjective “international,” several airlines praise themselves as 
global companies, as represented by [international + COMPANY] (11/45; 24.44%). The 
nouns “airport” and “hub” are also salient collocates that point to another semantic 
preference [international + BASE] (11/45; 24.44%). The various global and local 
networks owned by airline companies are also featured in the following ways: 
[international + PLACE] (7/45; 15.56%), [international + ROUTE] (4/45; 8.89%), [domestic 
+ PLACE] (5/20; 25%), and [domestic + ROUTE] (5/20; 25%). As Section 4.2 mentions, 
the semantic preference [ADJ + BASE/PLACE/ROUTE] reflects the fact that external social 
factors—such as SKYTRAX’s airline rating and alliance membership requirements—
influence the language used in airline company profiles.

Table 10. Semantic preferences and collocates of the five adjectives common to all alliances

ADJ Freq. Typical Semantic Preference Other Collocates

international 45

+COMPANY(11) [airline(s)(6), carrier(2), 
airways(1), company(1), group(1)]; +BASE(11) 
[airport(10), hub(1)]; +PLACE(7) [destinations(6), 
cities(1)]; +ROUTE(4) [routes(3), *gateways(1)]; 
+BUSINESS(2) [logistics(1), trade(1)]
*Gateways are used international gateways to ~, 
indicating ROUTE rather than PLACE in the example.

association(4), 
awards(1), brand(1), 
flights(1), 
passenger(1), 
presence(1), 
services(1)

domestic 20
+COMPANY(7) [airline(3), branches(1), carrier(1), 
group(1), offices(1)]; +PLACE(5) [destinations(4), 
cities(1)]; +ROUTE(5) [routes(3), network(2)]

hub(1), passenger(1), 
services(1)

leading 28
+COMPANY(20) [carrier(s)(8), airline(s)(6), 
group(s)(3), provider(s)(2), players(1)]; 
+EVALUATOR(2) [magazines(1), site(1)] 

venture(2), brand(1), 
class(1), network(1), 
position(1)

best 19

*+AWARD(16) [airline(s)(9), service(3), dining(1), 
lounge(1), record(1), staff(1)] 
*All SPs are double-quoted or followed by 
award(s)/prize(s) to indicate the name of award.

*pilots/crews/staff(1), 
place(1), proof(1)
*Not indicating the 
name of award

largest 21 +COMPANY(19) [airline(s)(12), carrier(2), group(2), 
operator(2), company(1)] 

economies(1), part(1)
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　・  Passenger traffic routes have reached 377, including 98 international, 16 regional, 
and 263 domestic routes. (Air China)

　・  Today, the airline operates the most fuel-efficient fleet among U.S. network 
carriers with the world’s most comprehensive global route network, including 
world-class international gateways to Asia and Australia, Europe, Latin America 
and the Middle East. (United Airlines)

　　 Figure 1 contains word clouds of the collocates of leading, based on their raw 
frequency at the R1–R3 positions. The word cloud on the left comprises collocates, and 
that on the right comprises only nouns. The adjective “leading” occurs 28 times, often 
co-occurring with the nouns of the COMPANY category (e.g., “carrier(s),” “airline(s),” 
“group(s)” [20/28; 71.43%]). Owing to space limitations, I present as examples only 
the word clouds for “leading.”

Figure 1. Word clouds of collocates at R1–R3 of leading (left: any word; right: only nouns)

　　 The general superlative adjective “best” occurs 19 times, and often co-occurs 
with the name of an AWARD received by the airline company to emphasize how superb it 
is (16/19; 84.21%) (e.g., Business Traveler’s “World’s Best Airline” Award, “Europe’s 
Best Airline,” and “Best Business Airline Lounge” prizes). Verbs such as “win,” 
“name,” “award,” “vote,” and “honor” also co-occur with [best + AWARD] units, 
sometimes in passivized forms. As a marker of AWARD, the units are often single- or 
double-quoted (11/19; 57.89%) without literally mentioning “award(s)” or “prize(s).” 
The generative superlative adjective “largest” also ranks in the top 15 adjectives among 
all alliances. This adjective is often used to praise the size, capacity, or ability of a 
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company in a country or specific area, and is followed by nouns such as “airline(s),” 
“carrier,” “company” to create the semantic preference [largest + COMPANY] (19/21; 
90.48%). 

　・  China Southern Airlines has been the largest airline in the People’s Republic of 
China for more than 35 years. (China Southern Airlines)

4.3.3 Adjectives featured in alliance pairs
　　 The following five adjectives, all within the top 15, are salient among alliance 
pairs: “new” (SA–ST), “main” (SA–OW), “modern” (SA–ST), “other” (SA–ST), and 
“middle” (OW–ST). I manually counted the typical semantic preferences and their 
frequencies (Table 11). 

Table 11.  Semantic preferences and collocates of the five adjectives salient among 
alliances pairs

ADJ Freq. Typical Semantic Preference Other Collocates

new 25

+PLACE(12) [New York(5), New Europe(3), New 
Zealand(3), destinations(1)]; +FLEET(7) 
[aircraft(2), fleet(2), Airbus(1), Boeing(1), 
product(1)] 

service(2), fares(1), 
shareholder(1), regulations 
and practices(1), Terminal(1)

main 10 +BASE(9) [hub(9)] drive(1)

modern 18

+FLEET(12) [fleet(s)(9), aircraft(2), airliners(1)]; 
+COMPANY(5) [airline(s)(4), enterprise(1)] 
*Airliners include Airbus, Boeing and Superjet 
in the example.

technology(1)

other 10 +COMPANY(6) [airline(s)(4), carrier(1), 
subsidiaries(1)]

changes(1), hub(1), 
locations(1), service(1)

middle 19 +DIRECTION(19) [east(18), eastern(1)] 
*Some instances seem ADJ+ADJ.

* New Europe indicates central and eastern European countries that joined the EU in 2004.

　　 “New” occurs more frequently in SA–ST because SA covers routes in most parts 
of Europe, the United States, and New Zealand. For instance, the national carrier of 
New Zealand, Air New Zealand, is an SA member; this fact reflects in the high 
frequency of area names including New in the semantic preference [new + PLACE] 
(19/25; 76%). The description of modern aircraft using [new + PLANE] (7/25; 28%) is 
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also salient. The adjective “main” is followed by the company’s home base—namely, 
[main + BASE] (9/10; 90%)—servicing national/international flights, essentially 
indicating large airports as its focus.

　・ [typical pattern: main + hub + airport] The airline and its affiliates service some 
200 destinations in nearly 90 countries throughout Europe, North America, South 
America, Asia, Africa and Australia, with its main hub London Heathrow. 
(British Airways)

　　 The adjective “modern” is used to emphasize the newness of aircraft operated by 
airlines (12/18; 66.67%) or the advanced vision held by companies (5/18; 27.78%). In 
other words, in their internal evaluations, two alliances (SA and ST) appear to hold the 
specific view that newness is an admirable value. These results imply the influence of 
external social factors on the language used in company profiles (as discussed in 
Sections 4.2 and 4.3.2) through the semantic preference [ADJ + PLACE/FLEET/BASE/
DIRECTION], focusing on the global network, the hub airports, and cabin/aircraft.

5. Discussion

　　 This study has shown that external conditions (e.g., SKYTRAX’s airline rating 
and alliance membership requirements) can influence the language airlines use in 
company profiles. It has also quantitatively shown how such language is used 
systematically in profiles. The findings support the validity of move analysis as 
proposed by Swales (1981, 1990), Bhatia (1993), and others, and shows that in 
business discourse, social factors can significantly influence discourse content and 
structure. Answers to the RQs follow.

(1) How many move types can be identified in airline company profiles?
▶ With the help of an expert in the field, this study identified 18 move types through 
three stages. See Table 3.

(2) Which moves are obligatory, conventional, and optional?
▶ The moves OVERVIEW and NETWORK are obligatory, and the moves ALLIANCE HISTORY, 
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FOUNDATION, and FLEET are conventional. The remaining 13 moves are optional. The 
purpose of a global airline alliance is to provide member-airline customers with access 
to vast global networks, and so networks are invaluable to alliances and member 
airlines. This is why the move NETWORK can be seen as obligatory. Additionally, each 
airline’s SKYTRAX ranking is important in building customer loyalty: the keywords 
“cabin/aircraft” were extracted from the SKYTRAX evaluation and included in the 
move FLEET, explaining why that move is conventional.

(3) In airline company profiles, how is the typical move structure constructed?
▶ Moves are likely to follow a specific order, based on the scores of move discourse 
position: FOUNDATION → ALLIANCE HISTORY → OVERVIEW → (ASSOCIATION HISTORY) → 
(OPERATION) → NETWORK → (TIE-UP) → (ENVIRONMENT) → (BASE) → (ORGANIZATION) → 
FLEET → (SERVICE) → (EMPLOYMENT) → (SOCIAL EVALUATION) → (SAFETY) → (STRATEGY) → 
(STOCK) → (WEBSITE). (Boldfaced moves in this flow are obligatory, and moves in 
parentheses are optional.) These findings contribute to genre studies, since the move 
structures of airline company profiles have been previously unexamined.

(4) What are the similarities among the three alliances in terms of adjective use?
▶ Adjectives are more likely to be used in (airline) company profiles than in other 
profile types. Based on original RF × FR scores, it was found that several adjectives are 
commonly used by two or three alliances. An investigation of adjective colligation also 
showed that in this specific discourse, there are specific trends in the semantic 
preferences of high-demand adjectives.

(5) What are the (dis-)similarities between this study and past corporate narrative 
studies?
▶ This study showed that (airline) company profiles are no exception to the rule found 
by Thomas (1997) and Leppanen (2012) that positive language is likely to be used in 
corporate narratives (and business society) to justify past and current activities. 
Additionally, findings on corporate narratives (Danilet & Mihai, 2013; Hossain et al., 
2016; Ocler, 2009) hold true for airline company profiles, in that disclosure practices 
and patterns in corporate narratives differ among airline companies and each profile is 
likely to focus on competitive advantages. The value of the current study is in its 
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finding that alliances also affect member-airlines’ company profile language, as alliance 
policies differ (e.g., customer loyalty strategies, SKYTRAX ranking strategies, and 
membership conditions for joining). The examined discourse reflects this.

(6) What are the (dis-)similarities among the alliance profiles?
▶ The answer to this RQ is partly described in the previous answers. Some moves are 
commonly prioritized in all alliances, while others are featured in only some. A move 
is consistently structured, irrespective of alliance. The use of adjectives sometimes 
differs with the combination of two alliances. Tables 4 and 9 show that alliances differ 
in terms of their moves and adjectives. For instance, SA more heavily prioritizes 
international and domestic networks, relative to OW and ST.

6. Concluding Remarks

　　 This study examined the discourse of airline company profiles through the lens of 
move structure and adjective usage, with the assistance of corpus-assisted methods; 
this method made it possible to solve the complex puzzle of this unknown discourse in 
a straightforward manner, using the moves, orders, scores, and language items detected 
herein. In line with many previous studies, this study found that each move includes a 
characteristic specific to a genre (Bhatia, 1993). Knowledge about move flow—
specifically, the structural pattern of the text—is invaluable to understanding a specific 
genre. This study also discusses how external social factors implicitly restrict moves, 
move structures, and language use.
　　 To resolve the problem of the size of the DIY corpus constructed herein—and 
support the results of this study—I would like in future research to compile a corpus of 
online annual reports. From the qualitative research, for example, I found that 
Singapore Airline’s profile contents and its annual report correlate, and so its annual 
report can be considered a detailed version of its profile. Therefore, analysis of a 
company’s annual report would clarify the specific content of the company’s appeal, 
and the reliability and validity of the results would be enhanced on account of a larger 
dataset. However, since the annual report contains many images and infographics, 
qualitative discourse analysis may be more appropriate than a corpus analysis. 
　　 Under another agenda driven by the current study, I will examine in the near 
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future interrelations among various profile types of profiles, while focusing on their 
language behavior and discourse features.
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Notes
1.  As of 2019, the members of each alliance were as follows. [Star Alliance] (28 airlines): 

South African Airways, Air New Zealand, Brussels Airlines, Scandinavian Airlines, ANA, 
Air China, TAP Air Portugal, Croatia Airlines, Avianca, Asiana Airlines, Avianca Brasil, 
Swiss International Air Lines, Singapore Airlines, Austrian Airlines, Ethiopian Airlines, 
Shenzhen Airlines, Air Canada, Lufthansa, Eva Air, LOT Polish Airlines, Egyptair, Aegean 
Airlines, Air India, Adria Airways, United Airlines, Thai Airways, Copa Airlines, Turkish 
Airlines; [oneworld] (13 airlines): Qatar Airways, S7 Airlines, American Airlines, British 
Airways, LATAM, SriLankan Airlines, Royal Jordanian, Iberia, Japan Airlines, Malaysia 
Airlines, Finnair, Cathay Pacific, Qantas; [SkyTeam] (20 airlines): Aerolíneas Argentinas, 
TAROM, Aeroflot, China Airlines, Garuda Indonesia Airlines, Air Europa, Czech Airlines, 
Delta Air Lines, Alitalia, China Eastern Airlines, Vietnam Airlines, Xiamen Air, Air France, 
China Southern Airlines, Korean Air, Middle East Airlines, KLM, Saudia, Kenya Airways, 
Aeroméxico. Adria Airways and Avianca Brazil went bankrupt in September and October 
2019.

2.  According to Amnuai and Wannaruk (2013), moves occurring in every file are obligatory, 
those in the 60–99% range are conventional, and those below 60% are optional. However, 
the current study eased this standard, as it seemed too strict to label each move as obligatory, 
conventional, or optional. For instance, as per Amnuai and Wannaruk’s (2013) standards, 
one move at the range 5% and the other move at the range 55% are both considered 
optional. The current study eased the ratio restrictions for obligatory and conventional 
moves to find the typicality of the discourse structure.

3.  For more information, please visit the following websites: 
 (1) For the airlines’ star ratings: https://skytraxratings.com/about-airline-rating. 
 (2) SkyTeam News: https://www.aeroflot.ru/us-ja/about/skyteam_alliance/skyteam_

news/38289?_preferredLocale=us&_preferredLanguage=ja
 (3) On alliances (joining, benefits, and pitfalls): http://www.airsource-partners.com/

project/62-joining_an_alliance___benefits__pitfalls.html
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 (4) Why do airlines join alliances? What are the benefits? at https://simpleflying.com/
airline-alliance-benefits/

4.  WordbanksOnline in the Shogakukan Corpus Network was renewed by the end of 2019. 
The corpus size has increased to 600 million through the addition of several new titles of 
magazines, reviews, novels, and new language data that mainly date from the 2010–2018 
period. The search formula ~P(AJ.*) was used to extract the adjective ratio of each 
subgenre.

5.  According to Firth (1968), Sinclair (1996, 1998), Stubbs (2001), Tognini-Bonelli (2001), 
and Xiao and McEnery (2006), discourse features can be detected by investigating various 
conventionalized language units, such as collocations, colligations, semantic preferences, 
lexico-grammatical patterns, and lexical bundles; a colligation is the relationship between 
an individual word and grammatical categories (or originally between grammatical 
categories), and semantic preference is a semantic set of collocates.
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