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PEFE o — R AR A4 [MIRA 1T, 2018 4 10
H6H () 10H7H (H) ©2HEIZH
720 HORERL R (P v N R) ITTH
fESIVE LT, & 44 [BIRETlE, Stefan Evert
54 (Friedrich-Alexander University of Erlangen-
NUrnberg, Germany) O, J Fksgdet (A
BRT), WHEEAE JUNKT) kb7 —
7 a v 7, Laurence Anthony g/ (FLRgH K
) OFRIESEITICL DY VRV UL, EHIC14
O EITOIVE LT, BIRESITH A,
FERD 2L DG 14 HRITIHYD £ Loy, G &
URT TN, WFEFEFEDIL 2 0D v T
URFEFETITON D R R OEBE 2T
XDHREERVELT,

£¥, R&MIAOFRIFIZIE, 2 ffov—2
va vy TRBEMNNE Lz, &S, NHELE
LUV —2vay 7 [SBMEOTDOD
Word2Vec AFH) TlX, BARSTELEOMIET
FAunbiTnd Word2Vee DR ThILE L
oo WIZ, HEKEHRAEIZLDY—Ta vy
[ 2 — R AW DOIEIE—FEIENISE - FEEmE %L
BLT—] T, a—RRAWREHRDZHVILE
MEFORZ IR E 2 FOENFITEH L TE
LW EE LT,

1 HEF#%OBASA T, FIRFHLRLS
E (ErANERERTY) L sHomEIzk
&, BER CTH 2 H BB R FRIFR OFEID—
B TRE AW E L,

Wz, {HEKRELE CGORERRT) OFRlED
b ERENMTOILE Lz, 1IZ0DIT, AHEES
FHRE BRMKTE) L0&E-KOBFEETO
WEFHEHD S B, ANF - HANZ O TO®ED
mENE LR, £, DFtOFEER LA
(EHERR) X0, 2017 FEESFHHRE KO 2018
FEEFREN RSN, WTFhbARINEL

B (ZERY) POFREBIOEERHEIZ SN
TIISEN o T Z ERHREINE LT,

FHOMFERFIT 2 BTONRTLLE Y g
iR E LI, B 1By UIISRRALER
e (HIEKRT), 6 2 By v a VTR AREx
A (BEE RS oFlE0b L, § 5 oM
#NTOIVE LTZ, £D1%, Laurence Anthony
TAEDOFESH#EIT T AR T 7 A [lssues on
multi-word units (MWUs) and collocation] 723{T#>
N E L7=, James Rogers Jc4 (&I KE), /K
AEESeA, Stefan Evert Je/ED 3 4 DFEET D
A=A EAWRAGEean r— a U OWSE
FEICEAT 2 TREE2NWIEEE L, £,
FERBIITERICEORFH b % T bivE L,

2 HHOFENE, 3 vy a IAGREE
ZHAE (HBRYE), B 4 By a ViTedR
FEZ2eA (RERRT) oFlasob &, &5 4
DOWFEREBENTONE LTz, £72, FH&IE, #
5ty a VIIKILEAESRAE (HAKRT), 56
Ty g IR EREA (PRRT) OF]
2D &, B A HOMERENMTONE LT,
R EFIHE, REDEKIZ, Stefan Evert 56
£ D5 [Measures of Productivity and Lexical
Diversity] 23Tl E L7z,

B a4 RIT 2 A Z@E LT, 130 403N
ENRHDFE LI, 2L ORI T RGWEE
E, BELDICHRFELEFEZH LN TE
FL, DUNESITINELE,

UToMEX, BEE-FE - UV—7
Ta y RN, RESRBRICHEL TWeEWiz
HOTY, 7220, L AR T T LITON
TIEREERHC g SN 2 s L TV E
7
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HIEELIR, HEEICITZ < OFG E’J’ﬁﬂ:#
ETW%O%@@ﬁm_OwTi§<®H
1Toi, ZbDBRIGREHIOHK T REH, %ébwi
BRI RSN OO, SEALIZEL
7= W[ &2 BT » TSR I R B 7 vy, R
MR TIE, DLTICHET 2 EEEEOEICEL
TR ZBEE L, TOBLHEEIZH DL —EOH
RIVE, JERIPEDR A B D FEiRE & LTz,
RSB AT Ick 2R N A
C%ZEnEWE S, ARIFFETIE Penn-Helsinki
Parsed Corpus (ME2, EME, MBE2) ¥ X O
YCOE ZfEiM L, #E UM SN 7-HEEHE SO
FMECEET 2METRK L, £ OAEEELK
ST HIERE - IS & ORI RO B LA ET
HT LI EEEE LT,

(1) FEAFELE like D AFRENGAL

(2) 2% A Ehi o BhEhF g R

(3) HEATHH DHEST

(4) V+-ing fHESORfENT

(5) BB LN of EEFDOZE

(6) MREFDHEL

(7) —HERE

(8) _HI#ssk - B Bk
(1) FEAFRENA like 13, 1400 76 1600 4El27
FCAFEEL L=, (2) betV-en TH - 74

B3 OB ENEA A have+V-en (22 L L7 B4 0%
1650 47> 5 1900 4EIZ 2L 58 T L7z, (3) be+-
ing o B RENG N IER KRB O A RE)
A~ EHER L= BlE, 1650 FFICiT UL ED
1900 AEIZITHE T L7z, (4) BhEamfiasic-ing 234
T HHEEIL, 1625 FEn b 1900 FNTHT THE
M7=, (5) JEHTEER ORI FTE R O
AR L 7228401, 1100 421X C £ 9 1300
I EBERET Lz, (6) ZIERIFTEL 2D
thereof 35 L O8N of it #5315 5 5, thereof |X 1475
FEEN DA L7 150 FFRE O D BIzidER
L7z, (7) AIHEAFICEBWT, a, the, my 72 XD
FREFA N & 72 H2401E, OE HHIREFI D
WEENFHED, 700 F T THRIEDOHLERIC
B L7=, (8) these my words @ X 9 72 [REFA D IE
FHIF, 1450 AFERICHE RN E5H L7223, 250 4F
BT L 7=, (9) most easiest 0)1% IEER
ZEITIC K D gk - A Bk & I EE T 5
G, 1375 AFEICHE AN L 7= A% 1550 4Rt
WCIXFEEER L & 72 o T,

EE LIZ()~6B)DEbIE
< BWOREH TEILTE TLTb\é &,

FIE 200~275 4F
—J5

A Lo 72(6), (8), (DAL, 70 4END
125 FFREE O AL L 72 BB IZHE U T
HEFEMNS, SHEMEDOLIICE T D EMIX
200 4-~300 Efa%ot_ L, EOWIMITEE
DOEFEEICHBL W=D &, TRbBELL
OHEICHE L URE—EOHEEMERDH S Z &N
e iz,

(7 A Y 1 HEEIT I T D o BlEAS & sl I B
HHETE : “splitter” 1ZHE % Y T 04T
fEAILE CRBCR TR F B )

KRFEERTIE, 74U BIEEIZBT D 0MRE
FEEFH DAY ERRIZ DWW T, FFIT to EJRIEAS
e 2 [0 +2%%F (BlF) THD
‘splitter’ 2 L ICFRAE - BELEAERIZHONT
W L, ABFECHE, & L THlFa—s 2
T®HDH COHA %\, splitter & 72 2 EllF % LL
FO XD ITHEGE - HEGEIC DT, o E{T-o
7
(1) He seemed to really want to find a way to serve.

(HLH4GE splitter)  [TIME Corpus]
(2) The states he’s won, the red states, is they’re not
likely to all of a sudden turn blue in November.
(#5545 splitter) [COCA]

HAGEE splitter % £ 5 43 BEAS & &l oD il A5 FE
1% 19 AR FT 72 > TR 23, 20 i
AEICs L L, BRPBICHERES MO, £k
DA ALERDTED, THRAN YT

CICHEREZRET S L, TOHF I 20 it
YETH-D Fiction ¥ ¥ > /LT, F LT 20

A% =D Magazine ¥ > /L TOHEIMM»H 5
ZEMHBA L, (2 2Tl TIME Corpus &{#
) 2 B0HERE LT, 20 HALHIEED Fiction
TIET AV B OGBS (1 LR,
1999 etc) Z &, MHFEICMEO R Y 7 T
% < Bob =28, AEERSUIRBASMC I
TEABBAD Lz &, £72 20 fEfLk 0
Magazine T%, fHHOIEDNA 75>0Té°7i N
Fet Uiz, #5GE splitter 1T K 4 FEOHDOE
TR, WTRHEIZIZDT R L, A
FERIR AL A BT STz,

72, splitter ORRFRELEBILET H7-0D
COHA @ Fiction ¥+ > /L)~ 5 splitter & L CH
WHILTW S EIGZ 50 4F4r Z &2 4 BRIy
i, ATHIH, SEEFLZ, BRELT, EFoH
(213 even, just, really 72 E ORHFIZH 7= > THEH
SNTWHEIGS & DM, so,thus 72 Ed, Bl
TEBEEE A28 5 L T 5 EIIEERC actually, better 72

O, BFEHEEZESCLTOWLEETL Abh,
Hé?ﬁ TR e BIFNTGAET D 2 EBH S

72 o 70, #EEKGE splitter (X, (i) at once <° at



least ™ kL 9 77 lexicalize =417 H @ (i) more
strongly <° at least passively ™ & 5 72, —J5 Dl
SML T DRI ZERT 2 b DD 2 N F— T
FITOENDHZEBIFEAET, ()FTEDRHMRIZ
BONTHBEE SR LMEDILZR2 WD, (i)
(TR RBIN DD Z L, EORMRTYH
BEFERNZIZ Q) DS — U BERIFNCZ D & D
ZEeERLI,

LT, SHBERETFORBEBIMOERD 15
& & Z BTV 5 (Crystal, 1984: 29-30 etc), 47
BEAR E R O SUERFFRICOWTEZ Lz, 41
% Tambiguity ZfEHT 5] &5 Z &iZoW
T, splitter 3 really, fully D512 >V CH A%
L, &EZTo7e, T2&, DBEERNER L
572 < THILENBEIRIZ R 572 WIEE TOfE
MR —EHLL LR Tz, SEEEINE, STHEW
FrRA~OIERREZT TR, V=X fERRD L
TOWITELZLEHERTHD & ORBEE
ez rRE L,

BT, splitter (2 not & AW ZiA D2k
IXEIMEND Z &, splitter & E RIS/ HET
D ERRI LI R DD DNENDH T L ~D
TS, ERGE splitter & FRAY/E )N T RE
TlXZeW & Z &, BEGE splitter D 2 /X
X — 2 RO RN TR R WO TR
LD Z &, ambiguity OFEH O I 7e 5
rhythm OBLSN L HEZTH XV OTIZE WD
L ~D TR0,

(a—"2ZRMMA L7 18- 19 A —A TV
TR BT D B EhE e T BB B
H W5 |

SPESE CRURR PR )

AWFFEIL, go, come FHEEMWEFOBE - 2L
ZRTHBEFOETIEHMIIB W THEEIN
%, BhEhGE belhave DAZRBIG L, SEEMEHE
D E MR & Vo 7oA ERE TR & DB
fREI 2 B JIZSEE L=, JeRABEDOE T
WZIE, ROFISLO L HIZ be BFaN EITEHEH S
L TW 7z : Mr. Sandford said, “Hannah what is
become of your frock?” (COOEE 2-308), At
D5E TIEAESCTHEH S 2 BhEhE have 25 B &)
FISETIRICR L THWSR D Z 3L, #%
HEEARSEERI(18 - 19 L) ICITRBE) - Blba kR
THBFIIK L TH be 58 T OMHHEKE %
have 52 T 2% kol - 7= Z & 7%, Rydén and
Brorstrom (1987), Kyto (1997)%% < DA THF
ZETCHEMInTE,

Have 5 TR OMBR L 20589 5 LT, 4%
RIS TR R EREARNS AL L D2 dH -

T WA DR DA T, il - fhErYE
Kl & WRRIE S 2 RHS L3108 D L REEI1TE 2
Too AMFFETITHRAC, FHF O 5 sk & 52 T B)
BGARIR & OB & W O I E R A2 Y T,
BIZIXTANT v RERIX 19 #HAdLIRTA— A
N7 U T AEEORK 20% % 5D, 47T R
BRIZKRWTE L (Fritz 2007: 22-27), 7 A V7
v FHEGEHCR O FERIRE O —HR A —A T
U7 JFGEAUSE)RFADORBLE LTEER LTI E S
1% (Burridge and Musgrave 2014: 40-41), H#)
Fi have 58 T DIERBIZI T D Mt 28 Ff D 5 28
AT 5 BT, A —A N7 U Tk &kt
L LIS ERBFINRITARRTL LB X,
AWRIZET LT,

AAFFETIE 18-19 AL DA —RA T U T TH
E I N CFAEMS Z WS L 72 AustLit & Y
Corpus of Oz Early English (COOEE)® 2 f&$H D
D= NZINBHFE LT, 9 300 REE XISy
Wr#&47- 72, Rydén and Brorstrom (1987)% &%
12, 19 HALIZEB VT bethave DAZRAHETR I
L HHEBE O WCHBNE 12 AR, SHE
FOTE T SCH T have 2RI NS HEFE A
FAELT, ZOMRET A NEFOHHH -
PERI &N S BLR DB 48T LTz,

AustLit Z 72 iERF ) AT OFE R, go, come,
return @ X 5 (2> B #hEE K 0 EA 19 HALE -
\Z have fEHZRNBEEML TWDH D &, improve,
recover @ X 91T be RS ITIEHIMEIZ H
LEGFAN DD T ENH L., £z, Bi@EhE
be/have D3R & AustLit, COOEE DT & A b
FOHHHE ORI WA & 2 ATREME A3 R
B, Bz, 747 RREHDOILE
TiX be OfEAENKHELS, Aay hF v
RAM PN —RA T U TAEAENOEEIL have
TENmBEE CEHNDEm AR I N, &6
2, PERNZHEAS S ot TR RO A £ Y 258
R T AU BEEEICE S5 “women writers
remain more conservative and systematically prefer
the form be” (Kyto 1997: 51) &\ S H\ICK L,
BHE R B L EITRO e hrolc, ZH D5y
Brag kv, O AusE R O EFEFHIE
K23 R Hs I C F5 1 2 B @Gl have 58 TIZ O3
W Lo et Bz, 5% bR
Ty VO ERSE L0 ZERRBLEN D D5y
Hrahnz, AusE 2317 %58 TGS
BACIZ B U 7o B3 O RRREIZ HR W T BT T dH
5
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2018 410 H 6 HR&EFIHE 1y 3T
%, REELICET S 3oRERH T, ED
HKETHLSMENLLZ OEMRI AL IR H
D, FEIEFRONT, FHRE & OFERIIIRE EIG
BENFATONANE TH -T2, LT, HE
HOEBRICEZRIZE LD D,

B 1REHEOEARARK (AAKT) 13X, *G5E
WIZHERTE S 9 DOMEELEIY BT, £
D9 HBO%KSHNE 200~250 4 & D B T
DETTHEVIHFERERE CHoT, 2D
ZALORFRICE M & B LN FE o, Bz
X, 29 L7oWrRIng X5 360E15 E15 & B
FAHZEIETE 0D, HDHWE, HEEl L
IR DOBERI NS 5 D TIE72W Dy, 78 EOE RN
Hotlz, ENREOHNGEZD L, BRI
ITED BRI ARGV FEDL LEEZLN
BN, AR R BIXE OEAT AEHL TR
WEDIFENRRE NS T2, Tz, HEL
TREEEA L, EHEIEEREIE TR DL 04 %
RTONEWVSERICEAL T, RFAEOTZD
ASBOBBEIZ LW E OETH T,

B2 BREFEOBAILAK (KRR KT
) X, T AU BFEFEICBIT DR EROLE
BICOWTREELZ, oMFIEE LT, to &R
TEEhE & B9 5 splitter 2 135 (e.g. really) 2>
5 4 FE (e.g. all of a sudden) F TIZ4iF T
oo BRIOHmIZIL, -ly BIFIEERERGRE
BIlFA 72 EI2FE L C, splitter (272 1) 03 W R
OFERINAIRENE DDy, E VI b ORH o=,
* 72, 3§k splitter ®H1Z1% at least momentarily
DEXIRGELEEND D, BN =y
FELTHRADZ EITAEN VI EM b H -
Too BIFICEE L CITEEFTRE & OB N RERE
MHELNTZN, HBEICEL T, RERIBOHIK
DR THoiliEm LRE R o 7o,

59 3 WRHF DOSFFIEN (RESRFRFBEE)
1%, 18-19 DA —Z N T U T HEICR b
% BEGASE T OBEFLEIN O AR E 21T -
7o BRI oOFITE, Byl A O G W
come OEAE, BIFAHE L EDOERE D
57T havelbe OBPUZFEEN RN EWN I
DRH-T, BERENOIX, 95 LIfNER
MW EITIE be BRI LTV E WD fiF
BNk o Tz, BhEhFEIIE, # U T have (272
LIS AME D ER CTX 508, B ET be &
DOILEL A IfTe improve & recover |2 b E RN
Tohiz, BREFOMEBZIL, BEWMIC
resultative (f5FAH) DOEIRIZZ 2561215 be
DIFEND &S FHERERIFBI ST,

Yty varefEmL T, BRSO OEMIX
ENLIWIHET, BEBEDODLSBLDOHFIRIZORND

NETH oz, BEEOLIENDIL, BEAR
DS OE s mf#AE2 A L, BEREICREN RN
EWOHIREZ T, HEEN LT O Ll A D
DF, theme session & HLFERBZEEMEDH HIN
KTh-oT,

E1AE 2y 3y
[A&] KAXE BEREKXZE)

Using Corpora to Examine Lecturing Styles in

American and Japanese University Engineering
Courses

Judy Noguchi (Kobe Gakuin University)

Kazuko Tojo (Osaka Jogakuin University)

Nilson Kunioshi (Waseda University)

The rapid globalization of society today has
accelerated the need for internationalization of
higher education in Japan. In 2008, the Japanese
government announced the “300000 Foreign
Students Plan” Campaign (Ministry of Foreign
Affairs, 2010) and as of May 1, 2017, the number of
international students studying in Japan had reached
267,042, with 188,384 students enrolled in
institutions of higher education (Japan Student
JASSO, 2017). This has led to an increase in the
demand for university degree courses which are
offered using English as the medium of instruction.
With an interest in aiding Japanese instructors faced
with delivering lectures in their disciplines in
English, especially those in science and engineering,
we built OnCAL (Online Corpus of Academic
Lectures), a corpus of university lectures for science
and engineering courses. We examined these
lectures and identified their pedagogical functions
(e.g., science chronology, cause/effect, thought
experiment, question) and useful expressions to
express these functions. The OnCAL concordancing
interface allows access to 430 science and
engineering lectures given at MIT Opencourseware
(MIT OCW, http://ocw.mit.edu/index.htm) and
Stanford Engineering Everywhere (SEE,
http://see.stanford.edu/). This work led us to wonder
about how the functions that we had uncovered, such
as the asking of questions and the proposal of
thought experiments to initiate consideration of the
lecture contents, would be delivered in comparable
lectures at Japanese universities. We therefore began
construction of a corpus of Japanese lectures given
at four major national and private universities in
similar disciplines. At present, there are 104
Japanese lectures and comparing them with the
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American lectures revealed marked differences in
the lecturing styles. In this report, we focused mainly
on questions and their functions in the lectures. In
general, the lectures given at American universities
included many question-word phrases to elicit
student thinking with frequent uses of personal
pronouns such as you and we, indicating more
interaction during the class. Question-word phrases
with what (17.1 average per lecture), how (6.97), and
why (2.44) were frequently used, in contrast to the
Japanese lectures where 77, ZcA  (what) was used

only 2.8 times on average per lecture, 24 (C), &

2, Koo (how) only 2.8 times and 77/ (T), A
(T), E5(LT), Z# (why) only 0.6 times.
Another striking difference noted was the much
more ample usage of modal auxiliary verbs in the
English lectures. Overall, the American lectures,
which included many student-initiated questions,
tended to be presented in a conversational style with
a strong audience orientation. This was in contrast to
the Japanese lectures which were given in a more
formal style suggesting the presence of a top-down
authority and an emphasis on content dissemination.
Our findings led us to conclude that English-medium
instruction may not be successful if a lecture
originally intended for a Japanese university
audience was just simply delivered in the English
medium. What is essential for successful instruction
in a “globalized” classroom with students from
different educational backgrounds is an awareness of
differences in lecturing styles and the structuring of
lectures in order to reach students who may have
different expectations with respect to classroom
instruction.

Collaborative Texts under a Stylometric Microscope:
Investigating Texts of Mixed Authorship
Tomoji Tabata (Osaka University)

(REBITHEEZ L DI EHRE DR SN
FHATLEDT, AEEZORGFITITINER
o REBRIOERZZELTZIW,)

F2tyiarOBME
KARE (BAfKXE)

The first presentation was cancelled. The second
presentation was “Using Corpora to Examine
Lecturing Styles in American and Japanese
University Engineering Courses” by Judy Noguchi
(Kobe Gakuin University). In the Q&A time, a
guestion was raised to confirm if the questions in the

classroom included those from students. As the
target of the current study was questions asked by
teachers, the answer was no. Professor Noguchi
further commented that when she first embarked on
investigating the question types using the OnCAL
corpus, it turned out that the differences were far
more dramatic. Another question was if the OnCAL
corpus has an annotation for the class size. Professor
Noguchi replied that there is no information about
the class size in the OnCAL corpus.

The third presentation was “Collaborative Texts
under a Stylometric Microscope: Investigating Texts
of Mixed Authorship” by Tomoji Tabata (Osaka
University). During Q&A, the first question was if
the technique used in this study could be applied to
identifying anonymous authors who send letters to
newspaper companies. Professor Tabata answered
that it would be possible, but the shorter the text, the
harder the detection of the author would be. The
second question concerned how he extracted the
“author makers” from the corpora. He described that
the effect sizes of Mann-Whitney’s U test were used
for obtaining the author makers. Professor Tabata
also mentioned that the same exact result was
observed using the bootstrapping method. The third
question posed was, if one author took over the other
in the middle of writing, the subsequent author may
not have changed the writing style out of
consideration to the author who initially wrote it.
Professor Tabata replied that it might have been the
case.

The two presentations were thought-provoking
in that they used and analyzed corpora in a very
innovative way, and they also investigated their
respective research questions both quantitatively and
qualitatively.

E2HE3I Y Iy
[(Ax] ARBRE BHAKS)

Charles Dickens @ The Mystery of Edwin Drood
®, “Thomas Power James”(Z L Dkt [H#&
HeEl] —7 7 A MR - iDL - FEFED 3 FSH
DFERT K D HEE D ELig - FFAMh

#wigm e (PERF R P )

k[E A Thomas Power James (LLF, James)
I%, Dickens D& {E & 72 - 7= The Mystery of
Edwin Drood (LLF, ED) Z#ifwz Nz 7- 58
4] (Dickens, [James], 1873)& %% L, % Dt
fi % “By the Spirit Pen of Charles Dickens, through
a Medium.”& 7 E—/L L CW5, ZDOFHmIZD



T WH.B (1874), Gadd (1905), Doyle (1927),
Wolkomir (1973)7¢ &3 KEHEI2 L D #tEF A4 % T
WAHD, ZOT E—ILOFRGHIZONTOFER
ECEISY (M GAVAI AN
AW TIIZRITEREEL LY 7 A% —455
Mrafi i L, FEErEL OBLS) O FifR D EH N
Dickens D& | EEWGH0E D MOHEE ZR
AtO:@%Ei,ﬁﬁw§MWms®@Lgﬂ
NTT7 7 A MESheb DO THILL Dickens D
IRFF S 213 F, LoEZICLD, EBHE
FHEE DI, — IO ST AR T 2 RE M
232 < v 53 % (Hoover, 2001, 2002)7%, J&&kE
T A RNDOKREIZIE, 1 ESIHAKFETARA b
7 4 ORI, BIRMGZ K- B HEBERGE O
M ERnEmE R RERAM LD, 22T
T A NEER SO FEEEDENENDFEEE
THOMTL, OWREREZ MO SZRET DI LD
N2 T L7z,
a—/RAZIL ED &fimmic, ZRMAE LT
Dickens @ Our Mutual Friend (LLF, OMF) %
JJD%J_ 3EMEHWLZ, b EZ O L REEE
WZoBEL, fESEIC 4~12 DT g Ty
o, FEHEO Lemma I X AR AME L
#%, Hoover (2004)%723%4 1 1ESLIZ 70%LL 1R
ET 55, A4 FT R X OE A4 5 % BRI
L, 77 A NRIK - 1O« 350 3 FEEHOE
BIZOWT, ENENAEREMEE BT 100 75~
1,000 FED 6 DD T — & 2 Wi L 7=,
ST OFESR-ED - OMF Ot®v 7 >3 % 12D
TR —FEKTHEDD, HitwmdDZiiLhl
TR —HER LT FEEENERD &
EzonbdZ 0D, #itwme Dickens @ [
1’EJ L4 % James DT B — L3k LUV E OfE
MmAE T, 7ok, ZWEREEO 2y B X
07?X5~Aﬁ@ﬁﬂﬂ IZBWT, Hifm &
ED - OMF & OfgEIX, H#Ho GG %O)%E\ﬁiﬁi
HRkE <, HoEEREIZ ié%%%m&
INHER ST, F£7=, A7 1,000 F 100 Ho
BIZEZ A MELTHOMTL, kAL 200 B
FCOESBHGEENEEHET~DFE WAL %
FFoZ &AL, SHICENLR LS BE
ETHDHZ LMD, TOELIIEEICHIZ->T
%?&E’J Luu%@*ﬁémé Tiiﬁb‘éﬁ?&iﬁb
Z D X 9 72FEFE T Dickens @ 2 1ESL & filw DB
S OAERNHER SN Z L1%, James O
E— L ~DEEMZ L VIED DL LD L fEwmOT
776

=R A

M w7 EF %= Agatha Christie 7F&h
~DT T ua—F)
TAFERSE ORBRORERFBEAR)

KBTI, A XV ZADIZT Y —{EX
Agatha Christie OEMIZEIL T, [FIRFRIES &
bl U CRERTRITFIE & - W TR D 34T 21T ©
ZEHAMET S, RS L LT, Christie
ERRRICER L LEI AT ) —EX,
Dorothy Sayers, Margery Allingham, Ngaio Marsh
DIESE WD, s 4 B ORMERITE —
URA SR & 25 R SR OCHR o0 BRI A i S
EHLTHY, [ FIAIRTIV—0D 4 K&
T EMEN TV S 72 Th 5 (Joannou (Eds.),
2013)0

SHIZCHWA T —Z I TO#EY Th 5,
Christie Efh 66 {Fiih(4,183,485 &), Sayers 1E i
11 fEAH(1,115,019 55), Allingham 1Edh 20 1EdfH
(1534462 ), Marsh {Fin 33 {Fh(2,510,391 75
Th D, ﬁﬂ‘%ﬁzuu ITRMRERIZERE L T
Do MEi T %%@#k%<£&étw %
RSO T 7 A F 7 7 A vE 2000 FEEANLIZSE
Liz, ZORHZRTZEFT 4661 7 7 A /L&
WTaT &7 272,
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Reliability and Replicability of Annotation Schemes
for Learner Corpora
Aika Miura (Tokyo University of Agriculture)

The aim of this study was to compare the inter-
annotator agreements for three annotation schemes
for a spoken learner corpus, the NICT JLE Corpus.
The author developed the following multi-layered
annotation schemes and conducted the initial
annotations manually: (i) identification of learners’
requestive speech acts, (ii) labeling of the functions
of learners’ utterances, and (iii) assignment of their
degree of grammatical accuracy and acceptability in
the utterances. In order to examine whether the
annotation schemes were “reliable” and “replicable,”
and to conduct analyses in a “transparent” manner
(Fuoli and Hommerberg, 2015, p. 316), the author
reports the obtained agreement measure of
Krippendorff’s alpha for each annotation scheme
(Artstein and Poesio, 2008; Krippendorff, 2004;
Geertzen, 2012).

In the present study, the author examined learner
productions during shopping role plays from the
NICT JLE Corpus, which contain 68, 114, and 66
files of utterances at the Common European
Framework of Reference for Languages (CEFR)
levels of Al, A2, and B1, respectively. In the first
scheme, the author identified pragmalinguistic
features of requests, drawing on the Cross-Cultural
Study of Speech Act Realization Patterns (CCSARP)
coding scheme (Blum-Kulka, House, and Kasper,
1989): desire verbs (e.g., want) and imperatives
were categorized as direct strategy, while
ability/permission modals (e.g., can) and suggestory



(e.g., how about) were grouped as conventionally
indirect strategies. The second and third schemes
were involved with classification of the function of
every utterance. The utterances were divided into
two major functions: “dealing with transaction”
(including subcategories such as “expressing their
intention of purchase” and “expressing or asking
about the item”) and “communication for
transaction” (including “explaining the background,”
“requesting an action,” and *“confirming”). The
degree of grammatical accuracy and discoursal
acceptability was also assigned to each utterance:
“high” indicated that the utterance was
grammatically accurate and acceptable in terms of
discourse; “low” was further categorized into (i)
coherent (i.e., discoursally coherent but slightly
ungrammatical), (ii) slightly incoherent (i.e.,
semantically inferable but  grammatically
unacceptable), (iii) incoherent (either discoursally
unacceptable due to ungrammatical features or
structurally and semantically acceptable but
completely incoherent in terms of discourse), and
(iv) featuring the use of Japanese. Table 1 shows the
total numbers and ratios of the annotated segments.

Table 1

Total numbers and ratios of the annotated segments

The CEFR Level Al A2 Bl
Total for th
otal segments for the 597 1170 412
15t scheme
Total segments for the
893 1,911 1,159
2" and 3" schemes
The ratios of the
functions
Dealing with
g 59.02% 55.03%  0.65%
transaction
Communication
! IC(’.“ 40.8% 44.97% 99.35%
for transaction
The ratios of the high
and low segments
High 52.18% 54.98% 66.82%
Low
Coherent 41.72% 41.74% 31.88%
Slightl
19nty 368% 2.13%  1.11%
incoherent
Incoherent 2.18% 1.09% 0.19%
Japanese 0.23%  0.05% 0%

Searching for grammatical items as criterial features
of CEFR levels in spoken and written learner
corpora: Using the CEFR-J Grammar Profile

Yukio Tono (Tokyo University of Foreign Studies)
Yasutake Ishii (Seijo University)

There is a growing interest in profiling L2
learners’ proficiency levels based on the CEFR, and
research projects such as English Grammar Profile
(2015), Global Scale of English (2015), and the
CEFR-J (Tono, 2013) seek to identify so-called
“criterial features” for distinguishing one CEFR(-J)
level from the others.

This study investigated what grammatical items
can serve as criterial features of the CEFR(-J) levels
to evaluate the English utterances and writings by
Japanese EFL learners, and whether two different
modes of production, i.e. spoken and written, need
different criterial features. Two learner corpora, the
NICT JLE Corpus (lzumi, Uchimoto, & Isahara,
2004) and the JEFLL Corpus (Tono, 2007) were
used for the analysis of L2 spoken and written
production respectively. All data were re-classified
according to the CEFR(-J) level of each
spoken/written production. Using the inventory of
grammatical items developed for the CEFR-J
Grammar Profile (Ishii & Minn, 2015), we obtained
the relative frequency of grammatical items in each
participant’s data. The items used in this study were
selected based on their frequency in the whole data
in each corpus, whereby 124 items were chosen for
the NICT JLE and 196 for the JEFLL.

Random  Forest implemented in  the
“randomForest” package in R was used for binary
classification of different levels or level groups (e.g.
Alvs A2, Alvsnon-Al, A2vsB1.1,and Avs B) in
order to search for discriminating features useful for
classification. The reason why we tried to separate
the data into two level groups, not into all four or
five levels present in our data sets, is the rather low
accuracy rates we got for multi-level classification in
our pilot analysis. The data from odd line numbers
were used to train our model while the remaining
data was used to test the model’s accuracy.

The results show that in the JEFLL, accuracy
rates for telling A1l from other levels is lower than
those for discriminating more advanced levels (Al-
A2 79%; Al-nonAl 82%; A2-B 93%; A2-B1 93%),
whereas in the NICT JLE the opposite relationship is
discerned and we can more accurately distinguish
Al levels (A1-A2 92%; Al-nonAl 94%; A2-B 75%;
A2-B1.1 71%). (All the percentages given above are
approximate average figures.)

Relative weights of grammatical items as
predictors were evaluated by the mean decrease in



Gini index. Variables which are effective in
distinguishing A1 and A2 levels in the JEFLL
include prepositions, coordinating conjunctions, the
definite article the, and to-infinitives, while in the
NICT JLE, have to (affirmative), can (affirmative),
the present tense of lexical verbs (affirmative), and
personal pronouns me/us/him/her/them are measured
to have great contribution to the distinction between
Al and A2.

There seems to be a big difference between the
two different learner corpora in terms of what
grammatical items count for discriminating the
levels and how effective they are. The difference
seems to be partly due to the different tasks in the
two corpora, but it should be noted that apparently
different modes (i.e. spoken vs. written) require
different criterial features. In our presentation at the
conference, we discussed in detail learners’ use of
grammatical items as possible candidates of criterial
features for their CEFR(-J) levels, together with
some methodological and pedagogical implications.

FEotya OBME
IEEEF (hRKE)

The first presenter in this session, Aika Miura
(Tokyo University of Agriculture), has studied
reliability and replicability of annotation schemes
for learner corpora. She has compared the inter-
annotator agreements for three annotation schemes
and developed multi-layered annotation schemes. In
order to accomplish her aim, she has documented
manuals, provided annotation training to an external
annotator, conducted a random check of annotated
segments, and requested the annotator to replicate
the annotations of 12 files for each annotation
scheme without referencing the manuals. The
discrepancy between the annotators were mainly
discussed.

The second presenter, Yukio Tono (Tokyo
University of Foreign Studies) and Yasutake Ishii
(Seijo University), have searched for grammatical
items as criterial features of CEFR levels in L2
spoken and written production. We had a discussion
regarding missing preposition in learners’ written
production and grammatical categories which were
used as a framework for the study. In addition, the
key criteria that should be employed when selecting
an appropriate part-of-speech tagger were discussed.
It would be ideal to automatically convert erroneous

learner language into corrected target language
before inserting the part-of-speech information, but
this process cannot be implemented appropriately
until a computer-aided error detection and correction
system is fully developed. Two of presentations in
this session have clearly presented how we can use
learner corpus for further refined language
acquisition studies.

MEEE (EEDER)
Measures of Productivity and Lexical Diversity
Stefan Evert (Friedrich-Alexander-University of
Erlangen-Nirnberg, Germany)

Quantitative measures of productivity and lexical
diversity—such as the type-token ratio (TTR),
Baayen’s productivity index P or Yule’s K—play an
important role in many corpus studies. They have
been used to assess the degree of morphological
productivity, to estimate the size of an author’s
vocabulary, to investigate stylometric differences
between writers and settle questions of disputed
authorship, to study diachronic changes in grammar,
to assess the readability and difficulty level of a text,
to explore the linguistic correlates of dementia, and
as a feature in the multivariate analysis of linguistic
variation.

However, most of the approaches and
guantitative analyses found in the literature suffer
from serious methodological problems: (i)
productivity measures often are sensitive to text size,
the presence of lexicalized types and other
confounding factors; (ii) there are no well-
established methods for assessing the significance of
observed differences in productivity, especially in
the light of repetition effects due to the non-
randomness of natural language; and most
importantly, (iii) quantitative measures usually lack
a clear linguistic interpretation that links them to
intuitive notions of productivity.

In my presentation, | will show how these issues
can be analyzed systematically with the help of
simulation experiments based on statistical LNRE
models. | will also suggest improved approaches and
measures that overcome some of the problems and
highlight open questions for future research.

BRI L (EEDER)
Issues on multi-word units (MWUSs) and collocation
Chair: Laurence Anthony (Waseda University)

On the Creation of a Large-Scale Multi-Word Unit



Resource for Learners of English for Academic
Purposes
James Rogers (Meijo University)

Previous research indicates that there are gaps in

the literature in regard to a methodology of
identifying  high-frequency — multi-word  units
(MWUs) for general English purposes, and

specifically, English for academic purposes (EAP).
Thus, there is also a lack of large-scale resources. In
this talk, | present a study in which a novel
methodology used to identify high-frequency
MWUs of general English is applied to create a
similar large-scale resource for EAP. First, the most
frequent 500 lemmas in an academic vocabulary list
were utilized in the search for lemmatized
collocates. Then, these lemmatized collocates were
used to identify commonly occurring EAP MWUSs,
leading to the creation a large-scale EAP MWU list.
This results of this study confirmed the importance
of native speaker judgments when relying upon
corpus data to create a list of MWUs for second
language learners that is used to improve their EAP
fluency. The results also shed light on the
importance of manual checking of corpus data, and
the type of low-value items that only manual
checking can identify. Most importantly, the study
has also resulted in a large-scale EAP MWU
resource that not only fills a major gap in the
literature, but also confirms previous findings and
potentially leads to new discoveries in regard to
MWU identification.

Applying a bundle-move connection approach to the
development of an online writing support tool for
research articles

Atsushi Mizumoto (Kansai University)

Achieving a high level of English proficiency
requires a comprehensive English vocabulary of
which multi-word units (MWUSs) are a critical
component. However, acquiring and using these
MWUs poses a formidable challenge for second
language users of English. In order to facilitate the
learning of these units, various online reference
resources based on different types of corpora have
been developed in recent years. Also, there is a
growing interest in resources that are specifically
designed to help learners develop an understanding
of MWUs above the level of the sentence. In this
talk, | introduce some of the current resources
available for accessing MWUs that can help to

develop rhetorical competency. Specifically 1 will
focus on a data-driven and theory-based practical
writing support tool for research articles (RAS)
called AWSuM. This innovative, web-based tool is
powered by a combination of rhetorical moves and
lexical bundles. It also has an auto-complete feature
that suggests the most 11 frequent lexical bundles in
a move within an RA section. AWSUM was
developed as a proof-of-concept of the bundle-move
connection approach. Preliminary user feedback was
positive overall, and the writing support tool was
found to bring about beneficial effects that genre
writing pedagogy explicitly aims to achieve. In light
of these findings, the pedagogical implications of the
developed tool are discussed, with particular focus
on the potential role that it can play in the teaching
and learning of technology-enhanced genre writing.

Collocational patterns beyond word pairs
Stefan Evert (Friedrich-Alexander-University of
Erlangen-Nirnberg, Germany)

While there is a substantial body of work on the
identification and lexicographic description of
collocational word pairs as well as idiomatic
multiword expressions, only a few studies have
addressed longer non-idiomatic word combinations
(MWCs). Such MWCs can include collocational
patterns involving three or more lexical items that
form a series of semantically related MW(Cs, for
example, “set a {dangerous | bad | unfortunate |
damaging} precedent”). They also include
grammatical constructions with marked lexical or
semantic/morphosyntactic preferences, such as the
ditransitive use of “earn” (“sth earns shdy sth”),
where the direct object is almost always selected
from a nparrow semantic field (“nickname,
reputation, title, ...”). In this talk, | present ongoing
research towards a description of MWC phenomena
and the automatic identification of MWC candidates.
This approach builds on two premises: 1) Co-
occurrence patterns between words cannot be
reduced to a one-dimensional association score, but
comprise multi-faceted aspects including frequency,
salience, and the type-token distribution of each slot;
and 2) The complex interrelations between different
slots of a MWC can be modelled in terms of nested

hypothesis  tests, taking into account both
significance and association strength. Such nested
hypotheses may also involve semantic or

morphosyntactic restrictions on the slots, or test
whether a larger MWC is composed of overlapping



smaller MWC (e.g. “earn good money” from “earn
money” + “good money”).

mU—9>avJ1
[SEEMFED 7= 8 D Word2Vec AFH )
WG UM R
WHED HRSELEO OB BIZAR X L
FOERIZITa B a—F OB et L
Sl RORBERE NS H, ZTa—
INR ZAF o T2 FREMFZE O FE I ITE £ TR
ThHdEWVWRDTEAD, £D—JT, £ DK
OB VE DN AL B IS ??;iﬁawﬁ Flz
kofﬁﬁ@ﬁnT—v BoT-b D& RINT
HZENREELLS, HEHA ﬁi@@fb ZOWNTNK
ZEIEBES TRV EWIERN D B,
KT —27va vy 7T, %< OARSTELR
DM TCHWLEND X DI - 7= word
embedding (HLEEHLOIAA) 2DV THAER 72
WaEZHHL, ZOFTHERICASFHINT
VW% Word2Vec 12>\ THEEL L 7-. word

embedding IZHFEDOE KA X7 L (BT O5E

I/\

-
—

7)) L LT O BiE T, BEWROLIZHEIZET
TARTHWSLND &) A RE ST I H

%, HEOBEWE XY ML TETZ LT, HiE
&$n®E%%WE?5 ERFHEE /2D, A
Jéanu @*Ehl_luj%”\ﬁ ]\/I/%ﬁﬁb\f;f%@@ﬁﬁ‘ HJ

LD, ZHLOMEEHWSZ & CTHLFfiE

1:}?*?31%%19&%%)3, A ZEMEBRTERRT 72 & OFERE D A
EFZemdE s TR, ARSFELHIZ

BWTEBRHRENRO—2 L2 S>OH 5,
Word2Vec % Google DHFZETF — L23BHFE L 7=
word embedding 7 7Y —/S— 3 o D—D
T, Python <° TensorFlow 72 E@D:<1’§Zb7h’(
WAL Ty N7 4 — L%l L CHIERAR S I
OEBIZETTHZIENTEDL LD TH D, K
V=0 vaylTEV=2TDA L FTx2—A
(Python CGI) # & L, Word2Vec % EERIZHE)
ﬁﬂ”é L :%%%L‘f:o W[J}%_ i‘, 7?’:] 1 ,quIEI
a—R2EHWTERLEZET VEHWT
language & =¥ A CHBIE O WHEGELZ D
&, vocabulary, discourse, culture 72 &3 U A b &
Nic, ¥, SO EERTL2BROEER L
LT, REMBRZELREICHT 2MBEAEE
L7z, 512, Word2Vec D E T )L & fEE
D BRIZ B 78 2 — R A A R RB LT
Word2Vec % fifi > THEARRI O SCFAE &L %t L
T EBI A FBIT L, S B 5050 Al REtE %
KL,

mU—5>av7J?2

(= — R AWPTEDNEE —ah
WL T—]

{ENIE - TR &

HboksE URERT)

KU —7 v a vy 7T, BiZa— 25
DEPEBRLEZ D 2R ZHE LN, M8
FRFDBEDR N ZRE L Tvolo, ET R
T — N AHIER)FIEOBLE DD, a man of sense
V) RBLOFFEIZBIT W &2 BT 2B
OREN, #AE2FTIf (. ) or not ZFEET 5

BROOVEE AL, ice pick X° grab . . . lapel(s) Z iz H
%i& %@%W%@@% AETAHRES, A
vHE—Xy et a— "2 UTERT 56
(ZHLERRISLIG 0 & ORRREIR D D> 7 1 — /3L 72 8%
FEDILY N D DO FLIRAIRREE 72 D 7~ B 1 & WS
LTCBRENRD DRI EZRLIZ,

%L a3 — S ABREN FIEOBLE DS, MI-
score ([ZDOWTHHE L7-, Ml-score (%, {KHEE
DHLDIZH ST HI20, TOHR-fFEIC &
MO SR B TH LA, HF—TU—FK
&EARRAMR DR VEE & S D b D) B ARSHEE
DHLDICEDLETERLYTTINDLDT,
F—U—RFORMEZREIIHSOVHEL TN
%, HEFw, Ml-score 23 < THE S ®mWITME
HELEEDLDOT, £V oiELELIC
T7u—FTLH5ONERETH D, AEHET
L idea ZflZ have not [not have] the slightest
[faintest, etc.] idea & V- 7= ERIFH 2 K5 LT-
v, BIFERSHE ClE expensive % 5] prohibitively
[hugely, etc.] expensive &\ 72 AR E O E O EI
FIDORFEFEZ R LTz, £72, deny & DA
D @ W EE &2 R o 5 BRI, Ml-score T
strongly, vehemently, etc. &\ - 7=4kfEZ £ A
FA720FC72 <, Dbrilliantly, unfairly, etc. &\ >72
i LF - FEFONZ R REIE 2 HE ORE
EEVFHERLLT W &% L, Ml-score D
WISz, £72, BRI he X° she &alr#d
E4 25 Ml-score DiEW-ly BlEAIZHFMNL, Y=

-
—

VAR B T AIEHORRESEICHEF AL
776
<E S BREREREEZE>

PLRE O — /N AFEEE 45 [FIRE1E, 2019 4 10

A5H () & 10 A6 H (H) @SR
FORMBEINE T, HlIFE D FEREZZEE N
tLiﬁ@f RREGEINDFHIX, Tied
BLREIZIEVVE > T F Wy,

(D8] RFERIZESESDLY, a—/ZFH
avE :—5’*”)5!5]7%%&\&&%27‘1%%@?%0 EN
FERDOWFEICIRD



[IhsEars] A8 THD 2 L, (EHARKED
B (VIR BEFIZIVLTLLERE TR TYH
Wbrw,) F— \niREE L 258540
HERP LIARITRO 2V, (AR ETH
HIRER LiAA & 13RI DOF R LA THAL FE
ZOHEZ (LIRE) BRFE LD LETHIT
V)

(R FTIE] Argessdk (B8 20 47, EEILZ 10
57)

[BESFE] B E-ITAARGEL LET, 5555
TORKEHEL ET,

(IS5 FE] BREHRIAY =7 7 4 — A
(https://goo.gl/forms/ObUe2d08EKIFrXQp2) (Z &%
BHEIAATA - XEO L, BEMELZEERE
(jaecs.ng@gmail.com) FEIZEE T A —/Vilsft 7 7
ANTEFLTLLEEN,

FRT 2T A NORBZHEOX—=VICH DT
>»7'L— Lk (Word ) = ZFIH® L, Word
RO FE F TEMLTIEIN,

HEMEIIFHICEE OALZTL L, BMEARNKE
(EH - kY 2 F&BR<) % 800~1,200 F T
BEEXLEIV, LEIZN U TSE R E R
LT &, 72720, CERY A b OB Ixw]
IR OSLFEDOEERRIGI E LET,

V=)L e a— AR EDORELRE, Y
P—F 7 AT g b NN A LT
FNRZBIRICRLR LT 7230y, SEfTaFgE Tl
RETWHZ EE, BHRHLNILEZ
L BHOERZHFEICXBIL T EIN,

fEH L7z a— 207 — X #BIZFEdR LT
<TEEw,

HEMENISEE DR IR ESNDSZ &ED
WIS TREO EER LTS EE 0, [Afk
W2, BB HEEIZ DM 5 kT T T <
EIWV, BEMENORGITINHERT DRFE I
HEZEZLNDHEAITIL, IWEEHEAZMILT
TR TDARENRDH Y £,

FEECTHERT HHEE, T 400~600 75
TREELSLEIW, EB - TR - K4 - TR
HETHEFETIFHALE I, ZNLANOFE
HIH - EXFREITHARFETCOREOLA LFLT
G

A= )VARINIIREFT A L BREEB LWL L
TLIEEN,
KIGNHEERIIBEK T E CEEREDOLBN
W, BERIIREMEOARICESWTIThbILE
R
KBEDPBEINSINTHE121E, ReEERHI
THHEE CTERY A MIBEHLEEAL) &, K
BRICITEND =2 — AL X —\|ZHB#ET 53
EH (REEEOE G Z EEEOREKITE SV THE

HEELEZLD) 2HE L TWEEET,
[JSZEIRR] 2019465 1 31 H (&) &
[BREPE] 2019 4R 7 AWl (F7E)

<BSEEORESIEIZOLT>

10 A 5 H (&) 17 W30 4y L 0 B E R K
WCBWTHESNEINLE Lz, ARSI
ANFIZOWNWTHEWTZ LET,

1) FERA
- 2FF (FM)
FHEER A GRERT)

(2) mEEER
- %8 i)
AMESRL (RERT)
NG ET AL (RS IR )

25 [HEa—/ AR £ 27 SHXEHE
BEIOVT>
[9e5E a2 — 2] wMEZES ZEE
HARE =] (RP R )
[955E = — /S AWF9E] 6 27 SO EZ RO
FHHCEENT LT, AR OB 2%
A BHbLLTBY £7,

[J5fE o fEsE)
1. FFEa—RZF - 3B a2 —FF]H %2 Pl
(ZHE R T2 TRRZERR ST, THFSE 7 — b, THeidism
X, TEFERSC), [SRESA
2. [FEFE), Ta— 2@y, V7 by =T#
), HEN VA=, TGRSR 7o L o4
R D VIR RS
[rfaf HArR] 20194511 A 30 A (1)
BT A— VIRFHZ TR LT 7230, 5
EFEIZ OV TOFEMIL TS Web ~— T D Eefe
HLE http://jaecs.com/jnl/jnl_Kitei.pdf % &R L T
<TE&EW,
[[FEE5E - R HE]
[5s5E 2 — 298] wmELES
E-mail : jaecs.ed@gmail.com
[ERHE&] 2020 451 A
[#47H] 202043 H 31 H

(FE1X 2020 -5 A THIDOTFE)

<EBFI—NRER ZFLSH - ZHEDOELEIC
20 T>


https://goo.gl/forms/ObUe2d08Ek1FrXQp2
http://jaecs.com/jnl/jnl_kitei.pdf

2019 FEHRFE 2 — AR E B LU E %
HEEWELET, FREIE, EEEOa—S2F]
2 HUDICHE 2 T 5B IFSE - BE, HDHWIEE
O BIHFEIR O IEOFRIGE 2 LT, S RAE
BRSFRD LI DERBICH L T OLNDE TY,
AFETIZ, FE, —HOBEEGX, =—/ &5
By — v OBIF 72 EOZERBITR LTRG-S T
WET, FIRFIS, FRICHE PRS2 xt5ic, 3
ELEELET, ZbblE, HFRIEEOE
NI IZHRND DI T ONT-ETd, £
LOLOEOIGERY, 201946 AKH T,
BoTIINHELSTEEN,

-
—

PN

[k5] ZREIE, HFEa— A ZEEOHIC
B L, HFEa— SR Db DB
¥R (FE, HOBEKH T — N R
Y —VDORR%, Fofh) =hHiFlraE (EA
FFIN—T) LT 5, BERNEIE, 39T
T, FEiEa— R D DIENT-FEERE CE
PRk [HEE= — " AfF5E] IcBi sz
1 fmlh b, 3 — AT — VOB, %
o) ZHIF-FEBEANEXNGET 5,
USE51E] B, i Rb7eun,
(#2HEHE] 1 #HEeEHE FrEo&EX (Word
F721% PDF) 2L b, FRU = T7TH A hOFR
BON—Ih b H 7 m— Nua[fE, ) BITARD
56 BERTHET 2O CTEMITIARE,
DA B E 1L a v — %%,

XA v H—Fy N ETHHIZA 72— RTX
HHD1E, Xora— REOHROARLTI,
LR E R R G L OH A, [HiEa— 3R
F7E] WCBRE & D D THEAIIARZ,

EAN
[ijii)

[$RHIE] R — "2 RRHEER
ZEER WRFHK

E-mail : jaecs.award@gmail.com

[JEZEHIR] 201946 A 30 H (H)

(AR R OHE I LOREA] H 45 FIREHR
= (FFIRSLRY: 10 A 5 H)

A
EA

A

=

<2019 EEHFFEHREITOLT>

2019 4= 4 A 20 H () 14 R THEKRFIC
T 2019 FERFEMAEZRBEVN-LET, B
£ D 5 DOHF7ELE (SIG) 23, 30 4 > E
DN THIZE3E « SIG BN EEITWET, &
[Bl1X 5 SOMFEE AR L CTREEFEEZITVET
DT, ECOMEESDIFELBBEWEEITF
T, FEIZOWTIIIRFE WV IRE, Fov =T Y
A b, A=V 27 UXANMITBHLEWNWZLE

—a—O

<HFAZERT>

e & (R R)

FHE 52 K (HHTKR, S)

Al JE7 % B (Pt mt)
HFERA (JUINPESERSE)

Joe Geluso (lowa State University, S)
JNAHE L (RO ERE RS, S)

# IR CROAEUCEER R )
PR CEPNED)

(SIEE+ELE)
(2018 4E7 A 6 HA 5 2018 4E 12 A 16 H D A3 ¥)

<EBERMOOEHLED>
FEBERNDIIERBEOY—LE LT, %2
VY AN, Za2— AL —, A=Y
AN ETA R NOREN ELRFER T TE
nET,

O BN D BFEU

2018 “FREE (—fi% 6,000 [, =4 3,000
M) R, 6 HEIF 9 Hick%ky Lz
AR E 2 > THEMO W=7 4 k9,
W E B LET R D EE : 00930-
3-195373), AR EZ MR I N 1T, B
BRI 2T Db DI AE S 9555 — %
R L TEAD EBHH L E 0,

WAE ORI D 71X, 2018 4EJE 4y & O C
BD 7230, BFEERBERMNOLS, FER
IR EO%S P IESE TNV TED
ES

FEir, TR EICERSREIOH D HIL, F
27 A O TR8EREE] »OoDB T
XA BEVEL EFET,

XEBOERIZIE, HEIVSEOYZTEN
WA ZW I ENWT=TZEE LT, BLR L ET
F9, DEEHENINET L, BRI
ZPELOTEBIHWWETELL W o = FHREICE
R MMRETA, EEOEKICIBINELT
%, MIBRZEREEDOZDICHHVWEET £
L2 TT, 7ok, B2 mBsnd5Gh
%, YEFEENCFEEY =7 A b TR

Bl MOOB TR ZBEWVE L EIFET,



PAQAGAGAGAGAGAGASASAGAS
FORUM
BMThe 4th Asia Pacific Corpus

Conference (APCLC 2018)iZ& /1L T
KARER (Lt

Linguistics

)

2018 29 H 17 H722H 19 H £ THIINR D mia
i CBA/E S fu7= APCLC 2018 iZ2& L 7=,
APCLC (X, APCLA (Asia Pacific Corpus
Linguistics Association)? 2 (2B L T\ D
EIESETHY, 5 1EIKREH 2012 41 New
Zealand @ University of Auckland CTREf# X i17-
%, %5 2 [11A% 2014 4£1C Hong Kong Polytechnic
University T, % 3 [EI2% 2016 4F b o
Beihang University (JERU#iZesiRkRs:) CHfE
SNTEL, SBIXENICHL H 4 BOREET
bolz, KEBEEIF 3 A TH-7722%, BRI
IZ Pre-conference Workshop 73BAfE &4, K&f&
THITIX Excursion b3 S /=72, HEX 5
AMORRL o7z, AR 21 SoO#kE THEE
[EBR 22U~ DEBRE I B H TV Z &
L7z ns, 7UTREEZ PN LS
SOBMEBRD Tz, 2L irolch R —Fh
iR DEFEREEY I T A9k Y ORI e &Y
T, @IREICH L2563 NlEoE L
Wik A2 LD Z LR TET,

RRETHO 16 AIZIXLL T O 4 {0 Pre-
conference workshop 73BAf# 4172, Workshop 1:
Multivariate analysis with R (Stefan Evert),
Workshop 2: WordSkew: Text and Corpus (Michael
Barlow), Workshop 3: Exploring Features of
WordSmith 7.0 (Mike Scott), Workshop 4: The
Prime Machine — a tool to help English language
learners get started with the exploration of English
language and literature (Stephen Jeaco)., #AI%
Workshop 1 & 3IZ&MLE=R, EbLBRED
a2 —ZHE=E A LT hands-on JEA TIT
7=, Workshop 1 1% R OfEH LT TR
<, ZEEMHTZAT O BRIERTNE RIZHO0
TOfEH bATOIL, KREMBIZ/R T, £,
Workshop 3 Cid WordSmith O i/ 3— a v %
HEHLCa— A7 =2 Do E2EKRT5Z L
ATCE, WordSmith DF M, ZHEREM: % S
THERKTHZ N TET,

Plenary speech & L CIZLAFD 5 DM
& > 7z, Plenary speech 1: “Corpus linguistics and
the study of fiction — methodological and theoretical
challenges” Michaela Mahlberg (University of
Birmingham, UK), Plenary speech 2:

“Understanding and Advancing the Data-Driven
Learning (DDL) Approach” Laurence Anthony
(Waseda University, Japan), Plenary speech 3:
“Distributional Methods in Corpus Linguistics:
Towards a Hermeneutic Cyborg” Stefan Evert
(Friedrich-Alexander-Universitat, Germany),
Plenary speech 4: “How Deep Learning Changes
Natural Language Processing” Naoaki Okazaki
(Tokyo Institute of Technology, Japan), Plenary
speech 5: “The Individual and the Group in Corpus
Linguistics” Michael Barlow (University of
Auckland, New Zealand) , =— /S ARG D

HAR S FEALEE £ CTHRIAW T —~ OB E N Th
M, KF¥4S4 B O Laurence Anthony JC4E §

Data-Driven Learning (DDL)?D 7 ——~ Tifiif &
izns, EOERIOTT 6 EE 72 PowerPoint X 7
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WHFERFRIT 107 hDEERBH Y, a3 —/1"ZF
FETPICEET Dk 2 IRFE T —~ DFEER TN
=8, FE#Fa—,8X, DDL, EAP, #KiEOHT
BT 2 REN BRI Z TR TH D,
R — N AR B ARAREOREHIK L 72> T
bbb, RENDIILLTO 32 fFoRk
NHotz (Fa s Z AEICFHE), “Acquisition
of Tense/Aspect markers in Learners Corpora of
English/Chinese/Japanese”  (Keiko  Mochizuki,
Yaming Shen, Zhang Zheng and Laurence Newbery-
Payton), “The effects of corpus use on correction of
article- and preposition-omission errors” (Yoshiho
Satake), “Errors and Beyond—A Corpus-based
Stylistic Analysis of “Japanese English” Discourse”
(Emi Izumi), “Is the Continuation of The Mystery of
Edwin Drood a Posthumous Work of Charles
Dickens?: A Multivariate Analysis” (Katsumi Goto),
“A corpus-driven analysis of present-tense fiction”
(Reiko 1keo), “Visualizing English Classroom
Spoken Data on Multi-modal Interface to Create
Versatile Linguistic Resources” (Noriaki Katagiri
and Yukiko Ohashi), “Predicting EFL learners’ oral
proficiency levels in monologue tasks” (Yuichiro
Kobayashi, Yusuke Kondo and Mariko Abe),
“Functional Classification of Lexical Bundles in
TED Talks” (Naoki Sugimori), “Exploring word-
formation in science fiction using a small corpus”
(Dax Thomas), “How distinctive is your corpus? A
metric for the degree of deviation from the norm”
(Yo Sato and Kevin Heffernan), “Lexical
characterization of semi-popularization articles on
agricultural topics” (Kayo Yamamoto, Tamao Araki
and Richard S. Lavin), “Inter-annotator agreement:



By hook or by crook” (John Blake), “Developing
multilingual language learning resources using the
CEFR-J” (Yukio Tono), “Distinguishing L1 and L2
Using Three Linguistic Aspects: A Logistic
Regression Model Study” (Masatoshi Sugiura,
Yoshito Nishimura and Daisuke Abe), “S-genitives
and Of-genitives Seen in L2 English Learners’
Essays: A Study Based on the ICNALE Written
Essays” (Shin'lchiro Ishikawa), “A Japanese/English
DDL Tool for Primary School CEFR Pre-Al EFL
Learners” (Chikako Nishigaki, Kiyomi Chujo and
Shiro Akasegawa), “A corpus-based analysis of the
use of subordinators by Japanese learners of
English” (Hikaru Misumi and Yukio Tono),
“Annotating the functions of learner utterances from
a spoken corpus and assigning the degrees of their
grammatical accuracy and discoursal acceptability”
(Aika Miura), “Corporate Cautionary Statements
(Disclaimers): A Critical Genre Analysis of
Professional Communication” (Chie Urawa), “CEFR
Receptive and Productive Vocabulary Knowledge of
Japanese English Learners” (Hiroko Usami),
“Investigating Japanese EFL learners’
overuse/underuse of English grammar categories and
their relevance to CEFR levels” (Yasutake Ishii and
Yukio Tono), “Assigning CEFR-J levels to English
texts based on textual features” (Satoru Uchida and
Masashi Negishi), “A Corpus-based Study on
Frequent Noun Phrases in Engineering Academic
Texts” (Yuka Ishikawa), “The Use of Active Reading
to Integrate Language Skills: A Data-Driven
Learning Approach” (Kunihiko Miura), “Prefixes
and suffixes in Japanese junior high school English
textbooks” (Mitsuhiro Morita, Satoru Uchida and
Yuka Takahashi), “A Usage-based Approach to
Criterial Canonical Construction in an L2 Learner
Corpus” (Yoshiyuki Notohara), “Examining the
applicability of the mean dependency distance
(MDD) for SLA: A case study of Chinese learners of
Japanese as a second language” (Saeko Komori,
Masatoshi ~ Sugiura and Wenping Li), “A
phraseological account of structural patterns: ‘it is
no NN that’ and ‘there is no NN that’” (Atsuko
Umesaki), “An Analysis of the Vocabulary Used in
Oxford Reading Tree: As a Reference for Early
English Education in Japan” (Shuji Hasegawa),
“Extracting Patterns from Transition of Occurrence
Frequency of Grammar Items in a Junior High
School Textbook in Japan” (Amma Kazuo), “The
varying complexity of the syntactic role of nouns:
Evidence from Japanese corpora” (Kevin Heffernan
and Yo Sato), “Historical Analyses of English

Negative prefixed words from ME to PE - ‘-able’
adjectives-“ (Akira Okada), “Negation in Benjamin
Franklin’s Writings: A Stylistic Analysis of his
Autobiography and Letters” (Yoko lyeiri),
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